MsunANUAniLYBIgnAlswsiieltlunugsia

Angdnwus
Y8

UNNIUA VU IR

idueReNnTIVENaemAsAN W DudruvilesnisAinwinuviangns
U3y USuey e Toudin a1vn3v3ne1nisneuiaees
Hnuieu 2564

9

AvansiiurasumInedeuniansay



mIduwunauAnLiuvesgnAlswsuiieldlunugsia




Opinion Classification of Hotel customer’s Reviews for Business

A

June 2021

Copyright of Mahasarakham University



ANENTIUNTARUINITNUS LANINTUINENTNUSVDIUNAINUNNIUA VU3

76 waugueassuiludiunilsvesnisfnwianundngnsUsgaiusvyinuldudn

F1UIYNINYINITABUNILADS VBIUNINYNRIUNENTAL
ANNYATIUNNTEDUINTNUS
________________________________________________________________ U5E5UNTIUNNT
________________________________________________________________ oNSERUS N AN dnusnan

N33UNTT

A3IUNTT

(. 915, WEAT NIITUE)

WwInedeeyliflisuive inusatull Wudiumilweamsfnwiaundngns

[y a

U3auay Uy 1nefiandie a3 ingInIsnauiiaines Uasuvningiaeumiasny

(. AfsT W) (5A. 3. N3an Yoya)

AMUAALIZINYINTANTEUNA AMUAUUANINIAY



o ° a & % = a
Ya3a9 MIduunaNuAnuvegnAlsusiiiveldlunugsia
K338 UUNNIUA NUUTIR

21913805 {emans1a1sd s, dnsind 1SN

USayayn Uy neUaudin #1013 INeINIIANNINDS
UANINYIRY PN EUE1TANY Unnud - 2564
UNANEYD
[ @

noUszasirednuideiilunisiiausnisinsignanufndiuregidinn

=

l5aususionMaNBLIALYRILIILTY WBYIBUSUUTINAENENITUTNITNI9EIAIvelsausu v

nouaueIANFINTrasiiin BT IaueluudIoiignuedeuussansamiunga
fregnad 1AL 30 T5ausy Tunouusn vn1sTuTNAEAniesidiRnuas Ao ue
Aeafulseusy dunouilaenszuiuniasieudeya (Data Pre-processing) grildidmsuara
MeSunsamdnuuzvedlsusuLagauAniuresidiin ddunssuiunisnieudeya

UT2NaUAIBNIEUIUNITANNUILATD9AY (Path-of-Speech Tagging) Inalus1uidsil Penn

(% L3

Treebank Tagset gniunldiaanAnsen (Verb) Aramdnt (ADJ) uazAnsendiaval (ADV)

Tunisuszanana ntunIzUIuNsIATIziAuAliuresgndtgniunldiiiedndulaly

(%
[y [ 1Y

N335 YTIAUAATILVR ARz AN N B dATINENTEUIUNITIVAAMENYTLAZTIAIY

Anviu gnltfiensivaeuauARANYEINATRAZ AW LYRILTILTN HANTIToNUIITINIL

a

ALAALIUT VA 600 - 700 99A11H AUsEANSANWIABTIN NIAY 0.78 Lagd1UIUAIIY

ﬁmﬁuagjswdw 280 — 400 U911 NuIdUszanSamlaesiy lifu 0.72 fheusnisves

Isausuanunsodamansde dluladunuimslunisUsuusnagnsnseaiavedlssusule

AdATY § NMSIATIERAINARTAL, NSILASIEAANTAN



TITLE Opinion Classification of Hotel customer’s Reviews for Business
AUTHOR Montakarn Tummawat
ADVISORS Assistant Professor Chatklaw Jareanpon , Ph.D.
DEGREE Doctor of Philosophy MAJOR Computer Science
UNIVERSITY Mahasarakham YEAR 2021
University
ABSTRACT

The objective of this paper is to present the opinion analysis of
customers on hotel features to improve the hotel business service strategy in order
to respond customer requirement. In this paper, the proposed methodology was
tested with 30 hotels. Firstly, the reviews and description of hotels were collected.
Secondly, data pre-processing was used for feature of hotel description and the
hotel reviews. In data pre-processing, Penn Treebank Tagset, one of Path-of-Speech
Tagging process, was used for selecting a verb, an adjective and an adverb in data
pre-processing. After that, the opinion analysis was used for polarity identification of
each feature. Finally, matching feature and polarity process were utilized to verify
the customer review and hotel description. The results showed that the proposed
method can provide the overall performance of 0.78 for the data sets of 600 to 700
comments, and the overall performance of 0.72 the data sets of 280 to 400
comments. Based on this study, hotel managers can use the results in this case for

improving the hotel's marketing strategy.

Keyword : Opinion-Mining, Sentiment analysis
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o a 3 & LI ' £ o a [ LY o v
5. maaniiunagns CRM dulillanisyadunisiinalulagsimunaduisladdgy
! s 9] Aaa 1y = X I3 a i 1% v
winsAnsenunsa tdmalulagniloguay faihasdunalulagsangausesdnisaiunsald
Tiiauszandanls mnuFeuiisudunisdumalulad lo-maanlaudwilmfaainy
ue waziisunuunaa msldnalulagniedhzneliiinaaaiuinni
6. N13%11 CRM azilustneuanasdnsiasesnwgnAvssinvlanuininude
Aensiivinwanaliliui 9 duisdisansiunu Weswnduseulunsianuwingy
aan1slifeasunsruINN Y Ulnivee 9 gvngnAdn  een q agvibiAssunuLaY
lainalenalunisvinmls Fslenalunasviamlstudiunilaunain nsi Cross Selling wag
Up Selling
212 msuivnsUsEaunsalgna
miu‘%miﬂizaumiiﬂqnﬁﬁ (Customer Experience Management : CEM) [4] @
N5E319USEAUNTAILUUBIATIN - ANTETI9ANNRS A nAluA A MazUIATS Dunsvinli
anAUsEAUN TS UINAURIANT BeAYsEnauazai 1 lilinAINRsAANFARUALALaY
Ny
U3N15 Jeiadl
1. prsasesdud Wunsaseesguliiuduiuasusnis webiguilaedeny
WworluspauAazUINIT usnInuududnaMuisweladeduA LAz UIAT3
2. fimuangugnatdwidng dnisamuangugnaidmsnelndaiau mnsmau
nauanA U nendaRuLueLIE YliamnsoNanauAYTUINISInSInNAN
AOINTVBIKUILNA
3. afuanuienelaludumviseusnmilinswmuainunenisvesuslaa vilviie
Uszaun1sainfuaziinn1sget I uaUAIMEIaUINITIUe
Y @ [ a i = a 1J o J = LY a 1%
4. nslduinnssulnyluduavsausnig Wunisungawiuvseienanualluauaiuas

uinsluseseniieliinnisimumdnsduen Wunsaiyaainliivaudmieusnig uay



g G

Junsnsgiuliiinmudesnisteduiniousnig Wumssneguduilaeiu uwaziunis
YU uTnalndliiuefnsvsegsia
2.2 MIUTEIANANM BN TINYIR
& d A dgova 1 Y w = o o A Y a s
A nlunsesdeflddeasseninwyedneiu viseuwlinseNsdoasiuaouiimes
i g va .:4' v | = P Y a ¢ & o
win s nlgiisyuuunnaneaiuly dumsnnuyedlddemsivaeuiiames [y awnd
lassaieiuiueu Asuiinesausin luszaanalaviuil wu php, java 150 C++ us
o w = vy 9 &  ay % = @ &
dvsununuuedlidoasiuesdunwnilasaivsesuuuummedi wazilulunny
533UMATRINTSFUSluALDIvRI WA AY Falldnuaeuanreiuly Sendn
“nensssunf” Wunwilifilaseadefiudueu nsiireufunesnetgnuvieudilaiu
AMETTIMANLL Ll TR sty amnsavhlamelinsunuaug nsaianginnd uag
nsUssdiuAniavANLINeYeIn1Y [11] Asiunmsfireuitunasagitlan1wsssuvald

a 5=

Aiieslsiutuegiu 2 uwmnsie 1) auinansiutyalssied faduiBnisumuanud
(Knowledge representation) uay 2) nMs@Anwuazit lalasiasamanIwfansuuUll
Thsasne Faaeanszuanmssenan QNSENTT NTUTEUIANANYITTTUYA Falduvasesu
Sumsiaseat del

1. N1FIATIEYTEAUITINIA (Morphological analysis) [unsatAsIzsisAum

2. M3NATIEHIERUMNEduRUS (Syntactic analysis) Wunisimszidaumntii
9361 (Part-of-Speech) iiiatfiudoyatiugrulumansiaaeulassadiamishensal ieaiun
T umisresd ngudUssianeneg Asaafuduyselon

3. MTIAIZRTERUALMEING (Semantic analysis) {unsiwsgiiielingu
AMNRLNBYBIAILAaz ATl oA

4. AATIEYsEA N (Discourse integration) 1TUASRANTUIANNNLY VD3
Uselenlnugainuszleond1nfess i

5. MTIATISIRSEAUUHUR (Pragmatic analysis) tiunisudarumnevesyszlen
5@§ﬂﬁ§mméfﬁmmsﬁammwm85&

NSPUALNTIATIZRNYEALUNST U AR NN AonslaeiseduaTinie nie
i luaudeseiunneduius fianunsoesusliselasadnwesnisi Usenausiemiae
FIN9) il

1. A1 (Word) Aa mienilanwandudeseanunazidudassnseluils



v A

2. %A1 (Morpheme) Aie d@UUsznaUNNNBAAYILIISINIINY AD A1 LAy

o

o I

NAUA1 YSMUNETIBANENATAUNNE AIUWANATNTZNINN MBAT (U A Ao
mhemaraintudaseuselidasyild uiddeadumiesdassiane wu dniSey “dn”
I3 ] o w.o A gy £ A &) o
Wunuigan kay “Uniseu” 39asdunn

3. 74 (Phrase) fig nqueIA 3BAY Weanla Miudiusznevveslselon a0y
drulsznovveslsglen uamlilvduuseneureslsylen) aaluldinasdudg wea vie

o v ° A & | = & a

naunUsenaumlevanss A1 Weudiulseneuveslsyluassendu 74

4. W1aRa (Noun phrase) Ao 2anvininAviudruvesuseleafitiumiig Usesiu
NUILIINTIN WNIE

5. n38774 (Verb phrase) fis @dvimimiduniauansvessglon

6. Usglen (Sentence) flo AviateAnsesiulun1syavie Wau Wieliunisuans

a a ] L3 4 a o ¥

ANUAR 1 ANAR aganysaimslignnsal Ineunddnusenaulumeysesunas anaLans

7. lagnsnd (Grammar) fie arundingnaivaz dulunussdeuisnis Ysenaugl
[J Y & a v A 5 1 [y v v € = [
mbidudselen MsiwmseiluseAung@undnseiunneduius viselasiaseveaniw
Iludesefogiuauiiigedu Wy gauanusinsedner (WordNet) dwsunszuiunis
AATIERAWIETINR Tunwlnedaudlug) Wunisisgsinaunluseauidinia uazsu
Mneduiusviniu esniaTetieaing (Thai WordNet) Aeudeiidnuiuiniauazdiey
Tuguiawn mMsleeinyiussiuidinakavngduiusdmsuawlve IAugen

! Y 8 v ~ = aAv 1A ' ] =
NINTYEIINE WLANUDEY Lu@\if\mﬂﬂ']'l’}']'l‘VIEJL‘UUﬂ’]‘U']VIVLlIlIﬂ']ﬁLL‘UQ'Jﬁiﬂ(ﬂE]u53V1'J']\7ﬂigiﬂﬂ N30

'
Y o o =

seviemfwiuen dnlisuiniulunigeni Aiunsimseiluseiumaavses 39
Tdusosutnonasiusnigluganfousslon Milnisaidnanfidannunananou 39
wnedisdn werdshmusazaysznouiliulasiaiieusslon faunsiaszinwd iy
AngAot91fe 3 NTTUIUMINLFIY A (1) AT¥UIMNNIARA (Tokenization) L1y

a ¢ wl = v o o o Y o °
ANLANNIOUNTIlANETERUITINALA (2) NTuunsiAIAIAvTAYeAn Part-of-
Speech tagging) tag (3) NS¥UIUNTIATIEALATIAFI9IN197 (Syntactic analysis) 1ol

aunsathmudazAanUsznaudulassasisusslonls

2.3 maiwmilesdayaly CRM
watansd T wazlanudelasuvesmslinmavinmileteyalnaianizegedsly

pdsloya CRM Wudssioluil



1. anugnAesiifTuresdeyanasnisidnfetoyalsistu

£ [

2. A niATuresoyailosandeyailifuasig1iuazgndnesn

Y
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3. ansadauarinmsdeyaldsmsBdtudmivnsinge

4. wan AT ziuanslusigay

5. aAvandsalunsA eyl ssuyarlusuian

folfiuSeumanivosndstoyadummpandnilindstogadudunainluns
fudunmside MWamdesadunsidrdsdoga nisteszideya daudymardnluiiuiiysia

;4

1189970 LIANYDQNAMLANAILIN VBIRRITOLANDATTIBNUNAIINNITNATIZVIAE YL

v =

v ¢ ad o ! & ada ° 1% a A v s
Iwa\iﬂﬂi LLaSaNAN ‘ij‘i’JS@NﬂanLUU’JﬁVlﬁ%WJﬂIUﬂ’ﬁVHWMZJL?JWIR]&QVIW"J?]L“U’]G]ENWW ﬂaqmﬁ

Y

[

CRM ifiUsgansannanunsandnlaemalulagnisinmilestoyaniiusg@vinim nsiase

< 1 a 1% £

JULUUNYIEINTINTRINAITUBIANT ATNARLaAuAvesanmaIniIuled Tnaany

o

¢l % ° ! v o saa Y & 12 a =
ﬂaq‘ﬂﬁ‘ﬂ@ﬂ;@ﬁ] NANT ﬁ]guqlﬂq@jqﬂamwuﬁﬂﬁﬂUQﬂ 1 UBDNITNUBDIANTFANUITOLNHAITUNS

v
S 1

walavasgnAmaznsimlsiiiuesdnsdgnAtvatiazduaiunmanynivotoins

Web2.0 1 Wasu dumasidinias Facebook wusu

23.1  msvhwmilesanufaudiy

WillospANLEnIANARLIY (Opinion Mining) 138 NMTILATIEHAILAALTAY
(Sentiment analysis) Jueansuaumidwenisuszananan usssues (Natural
Language Processing: NLP) lagitiunisuanunaiayainisduaudagatiun1suseanana
e leianduszuuigldansoduiutasdniedeyadusnnuuaiete
TngiavnzdammAniiuliinazegluuden wesu videriulussineg aud deyaiieriuesdnsg
uazUieh deyanafududiiariins viienenuin sudsternunansaudaiuly
nszy] Liuuedn vaen wieternAnnsaliily (Reviews and Comments) Bsdayaily
annsaduaulsshomalulagnnsiudu (Search Engine) Milnsiaunarldeglutlaatu lay

A lFenunsnsEunNTAUmINIEAE1ATY (Keywords) Ninsafiuinte WagssuuazauAuLay

UL AUDHANGNATIN LA ILABINITIUNITHUAUATITU

N a a

o s a 2 Ao v Y & Y a & A
nmsviunlesnnuAnuildngusyasalunsanadeanundudefmiunisedslag
= dl' o Y [ A a ! a a =) [
nilsnaula isihlJaiagaudnyazivefiarsurduansiilu@euin Weau vieilunans
nuvhnsasUudeyaiiseans aunmsiesieiniuaniy waeendu 3 szdu fe

1. myiangvanuAniuluszaulonans (Document-based sentiment analysis)



Junisiesgidernuusaninudiuiaunainenalswasinunasuviaenas wievinnig
& a & . & a & a a A &
3PYVIANUAALIAU (polarity word) 1MUUAIUAALAULTIUIN LTAU UIBLdunas
2. Mmyiagianuaniulusedulselea (Sentence-based sentiment analysis) Tu
~ v N a & o o a ¢ a &
nsainluenansuseneumeyseleandianuaniuiuendeiy Madasieiauanuuly
szautenaszldanunsaviinsasudaanufauiula Sadndusesrinisieszianufndiu
Tussavusgloalaerinnsuusdudssleauaziiuniiasziitoasl 1dunufndiungauan
a =) )
Beau viseidunan
3. MIAATIERANNANTILlUSEAUAUS 08 (Word or Phase analysis) Tunseiitly
a < d [ 1% a R R a ) 1 [y a 4
ANUARWILLABIAUUTENBUMIEALARTILNToF A FmTawANF1SAY N153ATIEYIAY
AniuluszauonansuarszaulsslensglianusaihunldlademnlifinuaziBeauinne
evimslenzianuaaiulussivauinvazvesing Wewsnuanyuzaulavesing

(Feature) ludsslenunvinisszutirmudaiuindurnufaiiudsuan Weaunseidunans

24  dumeumaeieudoya

{HosndenrwAniuiuteyafiegsunuuiliiasiaine deuflazdudunslag
rfpslinsmseNteyaneu wzdennudnuideyalidaau (Inconsistent) waziivoya
sumu (Noisy) Aeuthaunn sidesalaidmaunsedifeyasuniunnn Wululdinezilug
Ay FuaulazRadnsTRAmann nsteeudeyaszdialiteyatimudaiau (Consistent)
way gneied (Accuracy) I5mawsendoya [12] [13] Usenaume 5 nssuau bau
N3EUIUN1IARA (Tokenization) firdad megn (Stop Word Removal) m1s1nAnfns
(Stemming) M3@nA AANYME (Feature Extraction) kavnsiienfnianuae (Feature

Selection) ﬁﬂg‘d‘ﬁ 1



Tokenization

Stop Word Removal

Stemming

Unstructured Data Pre - Process Data

Feature Extraction

Feature Selection

SUT 1 dupesunsiwsendoyaagsuuuuiiliilassasng

1. MSARAI
o o = o 2 ) [l [~ &
AMIARAT D NIzUIUNISULENASTaANNL I wUseantTulsElen (Sentence) 38
wuseanlud (Word) Tuegiuinguszasdlunisiesizi nevirlunssndiludoniny

AMwdanguilealy Yeeine (White Space) Aaa (Comma) Ianefigl (Point) 1138

9
I '

Fydnwalsingg [14] NTzUIUNIIAAAL LFUANELAUTDAIUTIAUALNDIVIULUAUDIAT LAY
vouwnvesUselentduinwdinguizlivesinglunisudeen wagliyanatisunaUselon

[15] A9WENIA0819bUMS199 1

M13199 1 FI9819NIFANAINIEI1OING Y

INPUT OUTPUT

Very nice hotel in a very good area. Very | nice | hotel | in | a | very | good |

area

Room clean wifi Internet connection slow | Room | clean | wifi | Internet | connection

perfect location | slow | perfect | location

Nice and clean place. Great value for Nice | and | clean | place | Great | value

money! |for | money |!
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2. MSAINFNYA

mstdndmen fie msdnmnlideaurngesnainienasrsedeninufndiu 39

AmeaznuLntulenas [16] Anusnguesinnludeaaina gy a, an, the, and, about,

4 A

for lunwdinge MseMmn fe 1y wag e Tuntwlve 1Wuau @iy nszuun1sid

[

noUszasdiiiaiialszansnmlunisuseiana mszdmeaduinlidoaumng Jadu
maudadunisinmilastenny mnidusiuiuuinazyinlinisuszananadn el

'
a

Usdninm nsinmilestonnunwsingy IndaAvgagnsIuTidkasiHewns i Unide
vseasinshlUlduegraunivanelnenszuiunisifasideruildmnsiad wéaun
n3naoUiidinstuadismgarielal Srifazaudindriueenly Megrsdmga wu /
UNUN (Prepositions) A&sINUL (Pronouns) Adeu (Conjunctions) FMmiLN
(Articles) [17] [18] fhogafmganwsanguiazn wilngfinissn 2 wag ans1ei 3

ANUAINU

M3 2 FIBENAMEANTYIDING Y

Prepositions On In At Since For To
Pronouns He She It Her We They
Conjunctions And Or But Because So Although
Articles A And The

AN519% 3 ﬁaa&mﬁmqmmwﬂm

AYNUT ffu U89 B3 e lng dmsu
ANASINUNL nNIgHl UL 158 2 1Y AU
Aideu N fg oR ol ol I5E
ALY 1na Asy e fign

3. NISWITINAIENN

o aa

nsmsnadnd [16] Wuisnisandnuaud lnensdnngueisianumung

A o A

witleunulismeiy 1w Beautiful, Beautifully, Beautify, Beautifies #50ATANUMNNEY
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Tn&iAssiu axgnanlilunduifendu mndwidhognssldsnddmine Beauty s
nyvasulazuilumaznaiislgndes walviilsianysallhudiiauysel wu “This
flower is Beautifulllll” 9 ndoraudasu A1da “Beautifullll” asgnuiludu “Beautiful”
Tunamsnddmilasdausnnagldadsindnuntae Ysslevivesnszuaumsiife asvhli
Funuaudnuazanas FaeifiuauIlulszinana

4. MsannAaNYMY

'
= 2

msafianasnuny iDuduneufsnadnunsvestonueanin ansinndnune
fuszdoaiinaimunUssinmveseadnunsfiaslfidusunu nanidefiuunu
Ussinnandnuaigdidenldlunsvinvilosanudeuiu 16un nmsunudenimsegedi (Bag-
of-Word) M3wnudennudeALanIsine (Term Frequency: TF) UWagn15inu
FonnudeaAuBRnR (Term Frequency — Inverse Document Frequency: TF-IDF)
[19]
5. MsRenAaaN Yl

nmsdenaaanvaz Wsnslewulunisansunvesnadneaznlianduney

afinAuaN vy Wosnaudnvauzwiaritiadud 1Ay v iuwsmesinadeyaniet
udnnuuindwilidwunadnuaeiiinn szdmaseuszavsnmlunisuszaiana
\Wesndanesidlunisasisuuinassmalaseiteyalaginly launsasessunisvinu

[y [

fuanwuguaneusnfiuunnled nsdenmedadmsuandenauanvazialud

o w = % Y R Y] 1% ! A a =
dAglunszuumsil iivelildaudnuaenlddudiunuresioyadmlngld meadanisiden
AAN YA INEYAD (Information Gain: IG)

2.5  A5a15munUszanauAniiY (Opinion Classifier Algorithm)

1 335 loun I5n1sanImeutua IsnsuauBULASULY wazISNISHENNATY

2.5.1 A8nsiansreuLud
Fnsandreuuadunisiuunanuaaiiuleenisldnauunsu szydn
AnuAnignirunfmluwsazlamulings wauunsuildlunisimiesrnufndiu
' a o vee 1% & ° vee A L °
dunAEliAIuanIAuIdn 2 Au Ao AMWARIANIANEUIN (Positive Words) uag 1
uanIAIN3ENITIaU (Negative Words) 35n1553usaumuaninduAaii 3 3 8n1sfe
Manual Approach, Dictionary-based Approach Wag Corpus-based Approach #si35n13

&
PNU

1. Manual Approach LUwAssiusinmdnilaeisn1sines dedesld
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<

usauunnuaglfinaruuenn yuideduinnagl§35tnusuistud Duseludd 1wy
nsmuTNsdiuglutureuusn viensesadeuddwiluduneuanine 3501
anlugifenaiivenianainle
2. Dictionary-based Approach Lﬁ‘flu‘i%'miiwﬁwﬁﬁugm Tngludam
WoUdBS (Synonyms) LagA1msInuLu (Antonyms) Imm’;usaumﬂwwmmuﬁwﬁiﬁ%’umi
BaNSU 1 WordNet insgnauynsudimatiuaednenissifes wazdnzsnednu 3508
Funounsviendad
2.1) swswdiuansaidniiuguitventdinduduansirueailudaan
RRIAGLY
2.2) iudspueadlagansfumily WordNet vie watynsueeulatidun
ilefudiasdsuasdnssd
2.3) dulnifidunuadugarmdsiiaatulunssuaumsusn
2.0) yhgmnnsruaunsaulsmudlig
2.5) n3adpUATAgNFNasAavALAs ToRawaIABLY
3. Corpus-based Approach hasinltifioustlyvvasdilidlunauunsy

<

| ° o o v & aa A v aa Y o o oA 19 Y
WU ALRNIE ANANNIN LUURU Lﬂu’lﬁﬂquILLﬂ{]m}Vﬂ 2 ABLIN LEUVDAINA AD EWUGUEJ@J“@@@Q

]
a v =

Ingjunn ivebilaadnveyanizede

msa‘hLLuﬂmmﬁmﬁué’aSiﬁmsmﬂ%ﬂauma 1 3 nszvuMsuan oA 1.n15ann

ANUEENINAGIAIANUARLIAL 2 ANUIUTIAIIAALTIY 3.53UTIRINARIL

2.5.2 TN SUNYTUATUL
aa N as A & ad = v A g o o a 13 o v
FBswurtiudsutiedulsnssuaumsteuginelmeissneuiiunesaunsavieuls
o a a 9 = % Y A Ao v & 1% a A
ataiiusEanSam lnserdeniaseusindeyacfinnisuidaly \uls 2 meda fe
1. M3Seuiuuuliiaeu [20] (Supervised Learning) tUumafiaiiiiuns

a Y] 9 A a A v - ° [y 9 a al
Lﬁﬂuzﬁ]’]ﬂﬁﬂaﬂ‘ﬂamﬂiuaﬂm ﬁi@%@;&aﬁ@aau (Tramlng Set) ﬁqﬁaniqﬂimLﬂaLiﬁlu LN®

) SN

wnsgrmmneulniuteyayalvl (Test Set) mslddeyaaeuduiuann idenas vilvinis
unANEAnLdAugnADg wifldanduraiuy
1.1) w18vliue (Naive Bayes) Wuisnsisauiuuuinaawisnils Alasu

a 1 o a < % [ 1 < (v d'
ANudouagaunn Tunsankunanuaniiu leeleannisanuuiazidu asaunisa (2.1)

_ Count(W|Class ) (2.1)

P(Class) (Count(W)
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[ |

Tneil P(Class)

Ao naudeya Wi nguANAMALLTIUIN (Positive Class)
(Class) Ao U UARLLTIaU (Negative Class)
(W|Class) fip «’Jflmuﬁflﬁagﬂuﬂma
w fio Srunuiiegluienas

Saa o

Jofiveigundviug fe IS MUy wazazaindentsdilulde lanadwsi
anunsailudszandldlin ualdeds fe ldldtuuensdnniludaseuwintu
1.2) Fnnesannnesuuatu (Support Vector Machines: SVM) 18y

aa = Y a aa 2 ad = ) a v . . . a
IDNIIYUILVIER LLazLUU’JSﬂWiLiﬁlugLLUUMIgaau (Supervised Learning Technique) Ugy
Tdlunsduundeya (Classification) 1Huisnssuundayaseniu 2 nau lneldiduszuu
wUstaya (Hyperplane) Fatayavzgnutameaidulaiasinau u1nnda 2 1du tiendui
NzauTign FUneInNneSUUYTURUULTEY (Linear Support Vector Machine) 1Ju

FBswlingudayameidulaiasinau lnefiansanansseeinawniignseninaoya 2 nay

e Yo a ' A a v PN Y 19 ] o a
V]Iﬂaﬂu@JqﬂV]?j@ LU LN@Wqumqm@%aWﬂigﬂaU@'ﬂEJGU'PJﬂ;IJa 2 gl ANENNIIN (2.2)

D:((le yl)""'(xn' yn))
X =R (2.2)

Yy, €(-1,1)

Togfl 1 Ao Sruruvesdoya
[ #o doyadfui 12,1
X A9 911933109
Vil -1,1
efidegariidi x wagdeansezduundeya X eglungule fasanldain
Fouly fsannsi (2.3)

g w*x+b>0 —uanein X lungu L, (Y = +1)

Mw*x+b<0 wdnei X 1Hungua, (¥ =-1) (2.3)
el W Ao Lnwasumn
X Ao wnweivoya
b e Alludes (bias)
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A v

1.3) wlouthulndiign (K-Nearest Neighbor: K-NN) nsdauuntsziamdoya

q

[ '
= U 14 )

meIsieutnulnaiian asduiudeyanieglnalAes K 63 nannisvinauee vinisinssezrag
L v o v v = P ° v o o v oA =
sevinsteyaidesnsvinneiudeyaieglndifies 31wy K dmeeuiviuigle fie Aanad

Y Y

(%
[

wusnnfignuesdeyailoglndfiunianue K § ns135ns K-NN anldfumsduunai
Anufiu azfwmuaal K Widuand 38nstl mngdwmsudeyaiiduday uazlivngdy
Toyafiiuonitadnaumnn Wesndenalunisduameaimaniafiowtngy
TngvhllagliiBnsinszegmauuy Euclidean Distance Ao MIMIAITINTIdeIvDINAR

SEUINLDANIVIFAREAIUNNAIEDY FIAUNISN (2.4)

Ducigean = v (X1 — Y1) + (%2 — y2)%+...+ (0, — y1.)? (2.4)

laghl X, s wonvsUnil 1 Yesloyayail 1
Y, A9 waavisUan 1 YeslayaveutnuiiiuiaIsen
2. Mmaeusuuulifidaeu (Unsupervised Learning) #3ai3endn nsasesiauwuuly
L. I3 A a v o v Ao = A A

NsUsIEe (Descriptive Model) Luwmaiaunisindeyanilegundnwiitoiiansanm
anuduiusvastoyadundn wedlansiseusuuuliiifaeulsznousaeg nsuunguioya
(Clustering) kaigN151INYAIUANTUS (Association Rule)

3. FnnswauNay (Hybrids Methodology) N33uunANUAAWILAE75NS

I | an a U aa N A A = & ad =
HELnEY UNTHANNEUIENINITNTaNTA LA NUITNSHUBTIAT LT FuTuiBnsn
fusgansnmgedn tneldisnsadadmununndnuuy ndluienasiaraferAl
Aniuniiod WaduunAUANTINAEIBNISUNTTULETUT
2.6 m3iaUsgansaawlunsuundoya
mytalszansnmlunuddesumiiosnawdadin lnevaldasmeaimaugnsied
(Accuracy) A3HaIUEN (Precision) A1ATEaAN (Recall) wazAiadeUszansnnlaesau
(F-measure) lun1539esisal Ustoyananiu 2 diuiievhnisinUszdnsam fe Joya
YU NUToyayAnngaeu
2.6.1 msiustoya
(7 P [ a a o [ aa [ Yoo
nsuUstayaveldlunisinussansamnisdawun wuatu 3 3n1swan [20] laun
1) 75 Self - Consistency Test %58 Use Training Set {Ju3snsuuandng
ign Ao Yeyanldlunisasrsuasvegeulina uloyayniiediu 1UWIsNlanan1sin

UszanSnmesutnegs uilidundeuuazldmunziazdiluldlumidesie Weswinnisin



15

Uszansnmldgatoyaymaeiulunisasisiduwun uassimasaey yinliinanuandes
Aoty

2) 35 split Test WuiSmsudsdouasonisdu dwhnsudsdeyasenidu 2
d7u LU 70% sl 30% 38 60% sin 0% Inedeyadndiuila (70% v3e 60%) lHlunisadis
Tuinauazdeyaduilaes (30% vide 40%) Ilunsmaaeuuszavsamvestuina Tuns
naaounuuiviinsduioyaiissndafediluu adsiinsdudeyailidlunsvaaoud
dnuwaizadnoduteyaildaiislunasyyilinansiaussansnmldeansnd uilumsmssing
fnsdudeyailtlunismaaeuiiiidnuazuanmeiudoyad 1das1slunaunn fnanisia
UseAvBnldeanulad feduTemsldis Split Test dvdovinisdy vanoads daudefves
Pnnstreldnalumsairdlunatios Suwmneiuyndeyaiitvualvasnn

3) 33 Cross - validation Test F3Hu357 s lunsvhenade 1Hu3s
nagouUsrAnBnmmednnaiildfiaraindeiio myinUszavsameeisl asviinisuds
Toyaoandudiug azwine fu (k 9n) WU 5-fold cross-validation fia i suusdeya
ooniu 5 du m¥e 10-fold cross-validation fio mMsutsdeyavenidiu 10 @ wimnty
Foyanilsduazlfidusmaaeuysyansameasiuna vuluauasudiuauiiuiely wu s

NAARUA83T 5-fold cross-validation sueandly g‘l.lﬁ 2

training training training training training

lesting

.
;

U7 2 fhegrsmsudadieyauuu 5 = Fold Cross Validation 7 : [20]
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2.6.2  myiaUsyansnmnsuun
(% a a av v A a < v L a a £4 !
MyinUsgansnmlunuideiumiliesnnudaiiu lnevaluagiadssansan loua
[20] A mgneiBe (Accuracy) AuUEUEN (Precision) AAmsEan (Recall) wageadey
Usedninmlaesiu (F-measure) a5unelaeldn1319 Confusion Matrix A A119LULINTE
TgdIUIULEWIAUTIHIUABRUULAIMNAY I1UIUARIE LU Ranarnauay 2 A1 A
AMUARWILALUIA (Positive) Lag AUARLUAUAU (Negative) AIUAS1a confusion

=1 v 1% 1% o e A 1%
matrix u%aﬁﬂmﬂumiﬂwmm 2X2 I@EJ?J'EJH@@I']U@@'E?&IUF’]@ ﬂmawaq”lma;ﬂasqcﬂaau

(Actual) wazdayalunwinen Ao Aananvinweld (Predicted) Aam1s19 4

M15719% 4 Confusion Matrix

Predicted
Positive Negative
Actual
Positive a b
Negative c d

e
a (True Positive) A9 ﬁi’wmwﬁayjaﬁﬁﬂmagﬂd’]L’f]uﬂma Positive
b (False Negative) Ao aﬁmu%;&aﬁﬁmwd%i‘]uﬂma Negative UARIABUA® Positive
¢ (False Positive) fle durudeyaivinnedndunana Positive usimnaufe Negative
d (True Negative) fio S1urutioyafiviiunegniifunaia Negative
1) M13IAAIAINNYNABY (Accuracy)
M3inAANgNABIYDINISAILUNAIAAY WuN133nANgNABIvRTIENI3
vidogUuuuMssuunUssLamoyalagasiansnnTINynAaE A1UINIINNATINYDIANT

ugamalagnaes MIRILHATINVBIAMYINWIETIVNA AIAUNTSN (2.5)

atd (2.5)

Accuracy == m e
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2) ANTINANANNLNUET (Precision)
nsinAANUBLuEIveINITIRUAANLANTWwTUNTIAUTEANS A1NYeISNNT

vIsUluuNsTMUNUTEIVYaYa lagiasaueniazaana IngA1uINaINAIIInuTg

Ao ] oAl

gneid Iduraafiin)san msnieNasINTeIaTiviniuiagnItdunaafifinnsan wazand

iunednlunatadu wilupuluaiseglupanaiiiarsan avaunisi (2.6), (2.7) auddu

B 1 2.6
Precision positive T a+c ( )

B o 2.7
PreC|S|0nnegative_m o

3) MFIAANANIEEN (Recall)

msiaAusEanTesiinisduunanuAniiy [WunsinaNgnieavesisnis
IngagNasanueniiazpand ﬁwmmmﬂmﬁﬁwmagﬂﬁmd%ﬂuﬂmaﬁﬂmim WAL
NATIYRIATIIUEgNFosINTunaaTifiansan uazAvineduasaifiarsanus

Aneuaglunanaddu faunisn (2.8), (2.9) mugdu

Recal Ipositive = i (28)
atb

_.d (2.9)
Recall negative — Q

4) ARasUsEansaanlagsiu (F-measure)

AadsUszanSnnlaosay WuN1siNAIANNSEANEAYAIAIINLLUE LN TN
1 U ‘:l'r-:l a a el't:l b a0 = 1 1 o Y A U %
$AY szUUNEYSEANEATINR AzRelianAnusEinuazAtALLiudadlnalABeiy Gie

AN (2.10) oy AUNS (2.11)

E - measre | 2x Precision e x Rec:allpositive (2.10)
positive .
Premsmnmsitive+Reca||positive
F - measure _ 2% Precisionneglative X Recallnegative 2.11)
negative  Pracision +Recall

negative negative
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2.7 ewideiineates
271  nAdeRldBnsandneulua

Khan wagaaie [21] diauenisdnkunauantuseaulsylualagldniuming
yosrdmilane (Lexical) amnanudniivaesandosulas fslflaumdaszlunisduun
Au3AN vesidwiusunlasiasauselen lnetnaueisnsiwunuselonanufniiuainy
Tusziuusslavenidudauin Weau waslunans Tnefidunousneg deil 1. wisdony
Antuooniduseloauasiuliduadssdlonmnudniiu 2. fdauazuilumdouialy
Uselapanudniiv tdunihiivesslagnisld POS Tageing lundavdvesuselonan
Aaviuiiuliluadad daazvinlimsuisiumiseusazalulselon 3. idenldmumis
voadiluuselnmudnfuinumadugudnvusdasuUamudnumemaidunanes
Anidnuaiy 4. uwisselonudAniueanidu 2 suuuu fe Usgloaiduruaie
(Objective) wazUssloafiupnudaudiu (Subjective) wazsuunanudadiveanduduan
Beau wazidunanemigisnig (Lexical Dictionary) $3u84nsnsiad@euusunvemlulsylen
deldlunssgytamiuAniiu lumsduunanudaiiutugadeya Movie Reviews #ae
Fnsmesimiinlussdulssleafiinauefidnnnugnies 86.60% Hotel Reviews 80%
LayAUAALIAL Customer Review Tusgauusglealunismanumungeselaninig
gnFins 86.6% Feganinmssinunluseiuystloalasnismaramuiees Hu uas Lui
(2004) fio 84.2%

Trilla wag Alias [22) dhiauemsiiasigvianuianananudndiuilddmsu
WEIRgDDN %’ammL“fﬁJuﬁmu@ms'ﬁéﬁ’mﬁaﬁwqﬂaa’luzmaq Text-to-Speech fag (TTS)
msfnwnsduaTeianissrinanavesteraiitiduas aaninso g vilidmad
uansoansss@ sjuihluiodnduny Frontend lunisnanvesmanadaasiziunanuil
dmanmsUsuaiuanzauvesiuneunsinszienudindu dwan Beau Wunas du
anunsalidunadnemnisteudeyadmiunswaiiuansaon synthesis To imniisnUsadu
unnastuesaniansinar s kun ionsaaeuiunounsUsUTTm sawTian
UsvAnnareslassnsiamiunmadinnsianuianlisumssdulaedoyailifo
Semeval 2,007 40 Wagaduinmes lusyiulssloatadufvmnzaudmiuaniunisali
uansoon TTS nMsnaassiiiunInsIsaeuiuneunsiauefiislfumsinsesianuidn
Tusiuandlsifuinnsfiansan unigrams fieatesanniigafiesesadien (aeisnsda

'
1 =

Wwithn) deralviuseansninnisdanuiavyianideiieuiunisldnudnuaeiiiang wu
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bigrams, Wiin POS fawinwafilasunisuansuanulliuuszd@nsnmiindneiu dmsunis

a

a1 ndUsEanEnmsEauuanaaiulin U URmuduundmuIavguay

1 o

Uhinuvesdeyafifley dmsulgmifietlasanizosnadsnisdnnis lunull nagnsd
UszaunnudniamsinvanavlyisnsussavBamiindeiuues 56% fu Semeval 2,007
Yo, WaE 73%

Sharma uazAae [23] thiauaisnissuundanufniuresssloauuulaii

9] ° < & Y  aa v v PN
Qﬁ@u AUNUY 3 91D UnN, au Lhaeg NaN @'JEJ']ﬁﬂW{LGUWQU']HﬂﬁJ I@S%agaﬂﬁuﬂﬁ

A

a ¢ a & Y o & PN =3 2 =~
3Lﬂiﬂ%‘ViL‘U‘UﬂﬁLLﬂﬂQﬂ?’]ﬂJﬂﬂL‘ViuGZJ@QQﬂﬂ’]ﬁ]@IVIiﬁ‘W‘VILﬂﬁ@u%mﬂL’J‘UvL“Ziﬁl Amazon.com 3

aa = ] a o A & a « v Y
19N1517889A8 1.AUNDUNISLHSEUNITUSZUIaNE 53‘1.!?’17'1/]LUUQ’JWNQWLWUIUGQWGUQ%Iﬁ@'ﬂﬁ]

'
o a

POS tagger 2. ldWauynsu Wordnet waszymimduanudnuii 3. adneinduaing

3

Y o o U 3

ﬁmﬁu‘im'ﬁ%w’j furiaglu Seed list 4. AMUATIVEIANUAAIUAIBTILILYBIAIUIND
TuusgleaTlAB9UINUINAINATIaUBERIINUS Ll AT LI AMUTDIUTIUIN N1SHSIVEBUNE

o 1 :’1 a =3 ¥ ¥ ) = = [ o fay v
nAaeszyMIgUUTElALaETEYTIANNAMTILMEALLE NI IS BU U UNASNSTTLA
INTLUU WU Accuracy WU 74%, Precision 1Ju 81% wag recall 1 78 %

NTUAT WHIUING [19] HauenseuIuNIITLUNTOLENRNE BNININUNTINTH
Usznndu InglSeuiisunaansyasdanasnuiuldsndula w1dwug wazdnnesnmas
LUBTY Litemdanesiunwnivaunian dunseuiunsiunduundssandaiauowiy wus
pantdu 4 Uszian 1o 7o1auniugn1nsd Iolausiusidwesod Tolausuusidarniy
9 P 5 a ¢ o W a s
wardoLEuskUziddauly nsnnasdlduniansalnarus 2,561 Uselen nundanasiu
o & ¢ a & a a Aaa & v o w o w
Fnnasiinmesiuiuwuuinesiualndludes NisunmnnwesUsenaume A funisiiu
o Aa X Y % Y ° % A a1 I o |
AARTUTINUUeY tanadnsnsTuuntoiauaueiian drauLiugn 87.75 % A1
ANIEAN 93.62 % UarAI899a 89.51 % NNUUIWUNYSTLANUBLAUBRUELAL TR
Useanganiesnaasiuuliintnynussnmyiiiu (Micro Averaging) A1ma1uusiug
94.94 % ANTEAN 94.94 % n3rUIUMINLaUeNBINMINgARBIAIE M UTBLaLBIIET
LaifinuANNIL 9r8ansEe2a NI IUUNINSAILAS UaLEUDL UL A LA
$F nwnessunianl uay stalliiesnsea [24] diauedsnmsduunay

a

a =3 Y] Yo o 6 1 [ = [ v [ ac aa 1 I
AnLiusuTirua tealdidiwuniuuudiniunisidenaadneazaedanasiuan 1y
) Aada A a1 a YA a v A o a = Y w o
VirupRNAvIe liifdedufrTousnIg deyaiithumnasananauAniuvelivide
Aoufianes Jadswduniwsingy veuiuled amazon.com lngdenainuuianisiliou
TUSHATUANT T199%U9 100 ALY T9UTZNDUMETIAUARTIA 57 AANUWIY LazyiAuART LA

= g al v [ = (Y 1 P o [ .
43 AULY Imumaumil,mawuayjaimmLaaﬂ@maﬂwmzﬂaumzuﬂﬂmaamu Learning
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Method fnen1sld Feature Selection Algorithm 2 i @8 Principal Components
Analysis (PCA) uag Relief Algorithm tatinn1svineulutisaeuluiiusza@nsninuazvinnis
Wiguiguuseans nnuein1ssnunmnLAamunuiruaflagld Learning Method 3 %ina
lAuA Naive Bayes, Decision Tree (48) @y Multi — Layer Perceptron waguUsstiuaiy
gniesaInsiuunmuAsiulagliISnsvngeuLuy 5-Fold Cross — Validation Lilavi

= = ° | aa J . 19 o ° A &
N1sWIBULgUNANITIHUNUAAZISNUTN Naive Bayes lvimnugnasadlunisdnuungsiign Ao
68 %

a6 a a o o & a [ a
W&33 wARasled [25] dieuenisyinmiinsanudaiuniwive lnguwuan

wagndnnisimiissrnuAsiunigadulsgsiiunisinsginuAaiuuuUseed sy
v 44' v ! a & Vg a A a = vy
Tornunwiing emdeauirnudaiuaiusansanusdnludeuinvseigau la
YA LUTLUININTIATIEANLAATIULUUUS e gd mSutannun e Tnenisannen

WndlusEAuAMaN v aingTINAUNM TR UTUTTuUINAlNAALY wansly

=

SUN
Y

= e ——
ala‘m'mﬂ ‘ 2 usganndeudoya
ety
& ‘ 1. ueganrsadrnds ardml
aradmanin ook
frrng Y Foltwd
e 3 o [
affanrudmamn ‘

AR | Gy 3. uegan1iaTinil '

3 2 @
wmEnnre vyl
/ HUUBERATIAMIY VIINNUAALAY

—

AN

a a a ¢ a & a ‘:4'
E"LJ‘V] 3 ﬂia‘ULLU?ﬂ@IUﬂ’ﬁ'}Lﬂiﬂ%ﬁﬂ??ﬂﬂ@LﬁULLU‘UUﬁﬂ’]ﬂ N

Y 1 £ Ay 6 a av & g o Y a
2T 43887 LAY UIATUR lanta [5] 918U Wunsitauslumanauai

'
=

n15UIN15904l5aKsHsEA AN 91NUVRINTAINI W MeLazn1wIsIng¥lnan1sinsIsine

199w aulidndula LasdnwesaAWes LUITU WaN15USsUEUNIITATAAINL

gNAesgeEnTaINITIATIsirLARNeINUANaLTR 5 A1 lkfan niesin N1As

ANTNULIAFDU NISIAUINNT FIDIUITANUAZAINLAZIIAT WU TANDIAALADSUUTTU 191

Va v a L3

AIAINYNABIGINER JITEIATIRNUNIATAL DenauanURges Fausenaulunmandandnus

Y
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avau Fednunidunisiansaisnuuan WIaMTINsalMuauvesRuantanan laenis
AwnAnhuinhuaudisuanwiosin 1y Training Set LA LNENIEUINNNT Text
Processing #93 4 Tunau fe (1) Tokenization (fnA1) (2) Filter Token (RaA1ASiANelY
A3NUNABINTT) (3) Stem (¥IA15IndNY) (4) Stop Word Filtering (§i stop word) Wiy
nN1358u3A38 Machine Learning Algorithm laud wiawiug suliisindula uazdwnasn
LAWES WUYTU lngAaNURfUAY 2UKINTEUIUNNT WUAY @3 Testing Set 91K
N3¥UIUNT Text Processing ki dgnagauiulunavesnuaudindnuiasaiu Litowansin
<@ a e% =l a € Y
JuunIansalfuuin Mseuniansainiuay

Afzaal wazanuy [26] Imiauanuifabrldmsugusaimunsdndsean
dmsuanuivieniien Nafnandeyaineanunisvieniienain Twitter NdlauayUsznaume
PANUVUADU 1) mismiawﬁagamumww APl M3gL9195 2) msm‘%amiaqsﬁamﬂa 3) ANSAINUY
wifivesdn 4) Msatayuued 5) nsanawuliy 6) nsiuundeyaninmes dnvieane,
mmaaémmmﬁmLﬁumam{{ﬁwmdawﬂﬂﬁ Foazlasudeyanerivaniuivieniie 9
LY} ] ::4' n:l' ¥ 1 d' [~4 U Aa ::4' [y ] 4:1' [
JnvionienNfean1svieaien wazazuuselevulunisdndulaneanunisvieaieluda

anunvieanesla 9 uandlugun 4

wen N O - [
—_— e — % e ———— o9
/l\emmstopwords
tough Senterces

Group Simiar B Extract AllVearts Classification nto
Nouns Extract 3l Kouns / and Adjectivs Pas/Neg Trends
o
=" | Avpct s | [ ros o | | o avsson | ===
— 3% e aa —p 8308 ——p
N 2 e “a vas. i) L Y]
|
|3
‘|_'
s . +
=3 e canttomna | N -t |
° o - " /9 L ®
Anpecn Lin 0.t Peactne and Magetve Trmod Luts
Fiser \
Frequency Nounsas l W“';EM
5

JUT 4 sUkvvmAalmidmivguuemunsiausgiandmsuanuiviesie?

13 : [26]
Kanzutaka wagany [27] dnauamalulagiugiulunisimunssuuinsis

Poyanisviesiied lnglddeyauuninmes 1anshain (Usglealnaduinig) Mneitesiv
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a a ! a v 9 Yo o X o a ¥ 1%
anuiivineuagianssunisviesnerlunisaialdmamugiuiazaningitodlasld
Okapi-BM25 afinUselen Lagiinisiseuiuaensesayuuiiugiuved Bayes Agnasaiiuty
89% - 92 % NTUNINITIATILATIAMUAANIUVDIVINNDS INTUAMUAMTILLTIUINYTE

ANUAALAULTIAY

W 155uAS szuviiATgtenuLansraAniudmsulsasy Wussuu

al

flannsaiinngivenadiegluguiuunuansenudniiufionwisssued lngede
NANNIIMTIATIBYRazaTUNAINTIAUARLUSYAUAMENYaIE(Feature-based sentiment
analysis and summarization) vil¥deyanisuansauAndiveglusuuuuiidudeyaasUly
laldieluguuuunaiin Tnsansnsadenndulugemnuuansaufndiuigninan
Ainneiluiidovesmuesiiauleld Taganansauanmaideadiuadlugiuvunaiin douiy
AwazmnliAtnvie e miudumdoyanuAniuieiulsusumdumesidaly
n5idenlsausuiinsIIALABINSTBIALEY UazanszazaTluMIeLTaANLUAR IR

Aniuieiulsmsy sedoyaaguluguuuunsiin dsgun 5 uway JUA 6 anuddu

\_\ ™ Opinion MiningJOnyHotel}Reviews)

— »
- v T PR P <
niaSsuniaunmsuandneazaasudasssusy
uﬁwmwogm«nmt‘u WS ¥

T A . T e ey I

al

LW wvE _T_‘ |
© Suosrminnuarméaniy ik e -
© Gaoermdia fu3rs] Taeis Saesv wovs =00 [

s mslE L Fnou
anudaniu

s i S L | ey
unsuduldin sakvasu3sain vausi ath (=] wihy

LASIHARNYYaAIY 3 e oo N
Trouniin(160) ="
i P
Tanniio T uaud ah(145) [=]

L 56 QU AT

ulinuniguauqaidasaEuaIsIusy
(monstaiiu 3 qudnmms)

@ nasuinns

@ 2w 2
[ anwiisoun:

[T gauiisa -
[F] vanwn I | BB erwSeuiuiviiuan B aowdeniuiugay

« il

JUT 5 aguanuAniiuainnistssusuiegluanuinigldaula aun : (28]
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Opinion MiningiOnYHotelJReviews
mmSnn a1y anw e amunide =
YaeWin yinslandy s3m
g =
O GocemInauruAaiy | AIVINTT
% 2
tE N k] Z
* Sentence Polarity
4 2 Pie
swdalsausuueshiunanudaiiu sewdinowuinsinn asnudawiug +
orUgy 1A FAa T LYadia anduiuvi(112) !T
UHAIBRLLINSTAN msuimreaswiinonninfnnn gaaueaiuay +
uaauannianI
¥ waeoeuanamansas ywifnoiufumn geawdamiusy +
¥l wneoermuiharudanin
s I nsisaiula aerwdaiudy 3
NWW {15
wilanuuiasdinn aaywdadividy 3
wmsnmnmillasduannag aanndauiuidy +
wiInMANMINAY fanuAGWIMLAN g

wilavilanadn aeudaiudy

a a

U7l 6 ToaruuansnuAaiudnaludoyanieadn 7iun : [28]

a

o a o = ¥ = [y ' aw A&
Bucur [29] Ll’]Lﬁu’e]L‘Vlﬂuﬂﬂ']'imLV@JEN“UE)i%IﬁLﬂEJ'JﬂUﬂ'ﬁVlENLVlEJ'J U ULTY

a1 LY

MssuunanEARiuAn TS Inesuunaamueaidnveslifitironuandives
Tsousy Tusdsedlduondunoulunsvieudy 2 dunou wande 1. MssIUTINAIY
Anwiiu 2. M3iaseiteya Tuntssausiudeanufaiiu laldyndegaveaivled
TripAdvisor.com Usenaulushe annudadiuiiiudeuan $1uau 1,500 Audaudiu wendu
Usgleale 15,377 Uselom wasi@sau 1,500 nudawiu wonudsglaals 16,551 Uselon
ssavian 31,928 Uselon lneldia3esile Crawler %alé’gmammi”i 18 Enrique Valles
Balaguer and Paola Rosso (http://users.dsic.upv.es/nle/?file=kop4d.php) Funouns
Weswdea levihnisieseiveys 3 seau laun seaud seaudselen uwasseauienans
Tudupsumsiasieriussfudae Msuuad wasldnsifuniivesslne Eric Brill
Algorithmdunien PHP warludumeunsitasigiideyauuy Unsupervised Tun1sssydids
ARty azld SentiwordNet gagnimuariaaviiiy Avuuuseszving 0-1 uag 5
aziuuluusayUsylen lnenisssurvasuaazAgnsyylag Adam Westerski
(http://www.gizmo.ore) lumsmurnuseleanauamiiuayld A1 threshold 0.2 Tunisuua
Useloathulu 1B wie @eau awseleaiuiianupadiududuiian deandn -0.2 8o
Indudeau fanunnnd 0.2 WWugaun difidegsening -0.2 §9 0.2 forUsyloaiiy

Usenaulumie A1 Objective 138 Tandunans Tunismeassladiuismian Precision


http://users.dsic.upv.es/nle/?file=kop4.php
http://www.gi2mo.org/
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accuracy recall F-measure Ingldn1519 confusion matrix Iumiizqwamiﬁﬂma Tunns

naaedlduwlitayalunisvnaeseeniu 4 4n AuAnWY Inelinadnsiinisei 5

M3NN 5 NanIaaeyateya 4 un

d1UIUANY AAN3ILLIUEN AIANUTZEN A1AYINGNABY AUszRnSnw
ALty 39
100 75.51% 74% 2% 74.74%
1000 78.05% 86.8% 76.5% 82.19%
2000 76.23% 86.6% 74.5% 81.06%
3000 73.66% 85.6% 72.2% 79.18%

Liu wazanz [30] diauadsnsimiesmnudamiulussiunudnvas sl

2/
[ o

a

Jupaulunsinliuauidve 3 Tuneufe 1. afnAaudnvuzwazAITEYTIAUAANIY 2. 30

q
(%

! 3 [ v a a < o [ [ ] 1%
nauAAANYME 3. USufiameanuAniuvasinudnue Tutuneuil 1 Usenauludme

1Y v a (=3 A v ° a o Aa
NTANARUANYEIINAIUAALAL AB dNALBIAIUIN (Noun) U3IE (Noun Phrase) A1n81

(Verb) @381 (Verb Phrase) @iuf1szytanudnmiulaainionanizmandng

!
=

(Adjective) @

U 3

WINANINTRguYsEluavean U lewusyydn Uselendilvgasdey

issytimaAniulifenMandnuie Tamnganudfssutinu Ao

suvnasduesraudn vy ludupsuinzriinisaurauniu Noise sanaindszlen

A 1

ow FeszyAMNLANUDAIDDIN

szydn funuseleaidoududnuanvalaets |

ANUDIAIANANEME AD 51A7 AILUINIINITTEY

J

q

YU

ANAANYEUSN

Uu Noise Felleymvaanmsainenaanvasvednuidel

'
a

(%
a

" non w8 & = o G X =
an" "wne" L UuAY B9A AUl el

[ [ g
Junudnuarlaedoazin

o [ ¢ . . a o gj a @ o i< o A & =
NANAMANY (Adjective) LUDIAIA ANTEYVIMINAAALUNANTUAIIUN Synonym 159

Antonym fiu fetudsldnsinnguatrartisiewauninsy POSTageging duridua

Aaudnwalaeteinsaiuanguszutanufniuasgniiluasdminaiiodiuduem

eNe LD

]

adnwae lutunaui 2 MsTanguaAinman vy WeInmMlouiirmaManyMsYos
= a & aax a ~ | ) MR . ©Q wog v A M yvo
Wew ANUANWILERSN3 e unIRAR1ai U 1Y "Price” "Value" iWusu Tuaideiladn

quAfliaurngmilouAAMENYMEMEITNT IANaUNSERLYY (Clustering

=

enhancement) Yayaildlunisnaassusznaulusie ANUAALTIUYDY ABUN MDA 1 1 500

AMUAALTIL 1459 Uszlem maufineasi 2 8 1000 AuAALY 2798 Uselam Insdwe &

1000 AMUAALTIL 3067 Uselem naseil 1000 AmuAAWiY 2674 Uselam anntiulevinnis
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naaeuieinUsavsnmnisainmauan v Jalisuinguiunisainauanvazuuy

n3zaneilug (Double Propagation) Hanadwsilannn137 6

M3 6 MyiaUszaniammsanamamdnyiy A1nduuiuglasAmusEan

Data sets Computer 1 | Computer 2 | Phone Camera
Ours 57% 69% 71% 64%
Precision | Double 59% 65% 71% 65%
Propagation
Ours 52% 60% 62% 58%
Recall Double 55% 58% 62% 57%
Propagation

ns¥auszAvBamnsatamensnun lnetalinadnsdel Aenunsiuwazanusyan
Computer‘ﬁ 1 65% Uay 56% Computer 7l 2 72% 67% Phone 79% 0.70% Camera 74%
0.65% ANuE9IY

Wisuiflguussavsnmnisdanguesnemaiinds K-Mean uag Enhance d4lé

NAAWSAINITINN 7

M15°99 7 WisuWeuUseansnunsdnnguaimiemailnis K-Mean 4ag Enhance

Data sets Computerl | Computer2 | Phone Camera

K 23 33 25 35

Precision K-Means 54% 64% 63% 2%
Enhance 65% 70% 67% 79%

Recall K-Means 43% 52% 58% 55%
Enhance 53% 62% 65% 64%

Agarwal wazany [31] lodauasuiuumslinsigvianuddnuuiiugiuaug

adfeydiln lewasianauiynsutauTumn (contextual sentiment lexicon) Agaaulvlaglag

[

IdyntayadmsunTiiasieyt 3 Yadaya A Restaurant review dataset 31131 4,488 337,
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Movie review dataset 37171 2,000 537 wag Software review dataset AALTAWLEIUIN
1,000 337 uagAniiudsau 915 337) ldwaurynsu ConceptNet iioaseaulnladlamy
dmsunuAniiuyesdudi Tdwauiynsa Wordnet Lileimunuauiunnudnvuyuesdud
m’mvims;mm*dizT,zJﬂﬁaamé’aqr"fuasgﬂﬁmumé’a&wammm%w%w HANTNAGDY WU
Tupeuisinsgimamsanuuiiuguaadantydindeldasamauynsuduiunuess
foyaiia 3 wud1 AImgNEs (Accracy) 989 Software dataset L 80.1%, Movie dataset
\Ju 78.9% uag Restaurant dataset 10U 79.4%

khan uazauz [32] Ynauedsinanuidnideuin 13au wazidunansuumnin
Wos $1uun 3 tupeu 1. Puunarsualndydnvalianmiuidn 2. Fuunnderud
wamsruiAnlnarSouiisunnnauynsy 3. Suundenruiuaninnuidndenisduun
3 dumeu Tngsausaudioyaann Twitter #98 Twitter Streaming APl U193 Tnedioyail
swsiududonnumusngs tneldyadona 6 g 91nn15du 2,115 in marumng
yosrmilagldfnduwg 3 eg1afe (WordNet, Spell Check, jSpell) wagvnsunudisge
¢y Netligo WA msm Andu3 nymaeumaznalazuuRTNdmiedauysaife
Jazzy Checker, jSpell wag Snowball ﬁﬂﬁﬁ%&gﬂéﬁﬂ Standford, Wiki wae Textifier $im URL,

6

UserName, Hashtag LazenassiilAiveansnliudydnuallanionstal n159Lunining

o v L4

AnuiunUIeandu 3 JupeU Mo ﬁ?LLUﬂﬂ’J’]MﬁWLﬁUL%QU’Jﬂ/@U PedanwallanIeIsNal

o

Suuntrmmidnds Bag of Word SuunarmiAndaedenisdumanimiinauidngn
FdwinuAnudiu (SentiwordNet) Andudauan daau viardunans mamsidenuinay
gneia (Acuracy) vosnsuunidu 85.7% Avuannselunsiszadadernuilinesdes
oonlu(Predision) 85.3%, Anilamnsavesszuulumsfsienansitigateseonin 82.2%
Mostafa [33] Yniauemisyiilesdenmadmiuiinszsienusanuessioduddvioss
loun Nokia, T-Mobile, 1BM, KLM tag DHL Inesiusiudeninuluiuled Tweeter 17
Uszifiumnuianvesiiuslng dnlmuaaiusdedufusasaviolu@eunn vidoludsau Tagld
NALYNTUAMAIAUARLIAY TIUIU 6,800 A FemuAniiuduan wagauAndiu
ey fmualFnnafadiudouiniiniin +1uay sruualinnufadiudeauitun -1
wdUssluanuAniiuaindfinuludsslen uarasuua wandlugluuuns Tagld
StreamGraph Software LitouanslifiunnuddnluninsiuvesdfuilnadedudBiomari
Liu wagauy [34] Winaueminnziaudanseiulseloniiingesne
Al Support vector machine tnglddayalunistiaszidunisuaniaudniiues

v g Ao a & aaa % Y [ ]
anemludsgleaninien BailiSn1snaaedagnisaing Vector vesnaanwusilu 2 ngy
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'
1 N

LnguiniinaaudAvesn wiily way 2. nquidauaudinaziieitolaenssiunsinsesm
A3e1 nansmeaesnuIIANgnaeuly 50%
Jose wag Losada [35] dnauadsnisivalunisdwunanudadiuluseeu
Usglen wiothluldlunmsieseinaufaduliinUseleviosnauiass lnglddayaniiaiiy
[ =3 Y | [ v a @ % . Y7 < a
wannviane wusdy 2 Useiuvan fle Iuundeninudniiiu (Subjective) Tudaifianss

(Objective) wagduuntamuAniu (Polarity Classification) wusiuauAniudauan

(Positive) WagmImARLIUTEU (Negative) nsnnaeideldnadnumeiiviainvas toun

@V (Vocabulary Feature) shumtistads (Positional Feature) wtfivass (Part of
Speech Feature) AaidnwazUszlen (Syntactic Patterns) AR NAALIY (Sentiment
Lexicon Feature) usiu deyaildlumsnagey fidelddeyaan 4 umas leud 1)
Multingual Opinion Analysis Test Collection (MOAT) 6'?;@Lﬁusﬁagammméqﬂnaﬁmu 14
#ade Arnuwanaeii Useneuseanufnmiudauindiuiy 179 anuandiu wazan
AnIULTIaU 913U 417 AufAawiu 2) Finegrained Sentiment Dataset (FSD) udaya
F9salndndaeifisurnanannuatelauu UssneudieanuAndiudauan 923 Ay
ALY LagANUARTIUTIAU 1,320 AuAaLY 3) Multi-Perspective Question Answering
Dataset (MPQA) 1iudomnuanifiuiivssneudeanunufniiudiuyana Aearfuanuide
AUANSY USENBUAIY AMUARLILLITIUIN 1,626 ANUAAWAY WazANARWILITIAU 3,255
AUAALIIU KAY 4) Pang and Lee Subjectivity Dataset (PL) iJuadsanuaniudalsylon
fisrusmandeyaiansaivs 1938madmwesmaninesunsdu (Support Vector Machines :
SVM) TunisduunenuAniiu wiadeyadinsunissiuundae3snisgu (Split Test) Iy
wusdudoyagadeu 75% wasdoyayanadey 25% 31NNISVAFEUNUI N5k
Unigram/Bigram saafunadnwaziifuadenmmniu Tiszavsamlunssiuunaian

Natchiar &8¢ Baulkani [36] dnauaisnisidenaaansaelniweunlataym

v
a v CIA

ToyaruRaUng deyatdeunazliifeates sunuuwenssiulutoya CRM Amuanae

U

a

AdnuaENngadlaensidinsmsvileslayaniiUssansnminaialunasusulssdeya
ninuAwaziiaLRee marRINiouNsUsEIaKa A8 aweiinisneaeulasliyn

¥

Joya KDD 2009 31131 50,000 Yaveua 230 Aainuy Tayaldauind1uiu 49,110 ¥

a1

ToyalaauIIuIL 890 YA UardAdnmIg 90 % BellTuneunITEUIUNSIARNLEAYSTL AB 1.
meAusaziennitilaenisiinvestoya (Gain) 2. 14 Ranker idanAudn vz NilALfinves
Joyauniian 3. ldveyaynaeunmundmiuidenwenn3tn ideyanlidanuiaziiveya

sunaueey (Noisy) imsdszliuanugniesweinisdtuunauaniiulaeldisnsmageu
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WUU 10-Fold Cross — Validation wagyinn1siUssuiisulse@nsnineeinisanuunang
Aniumusiruaflagly Learning Method 4 wila lun Naive Bayes, Decision Tree (J48),
SVM wag KNN waa ievimsiuSeuiigunanisdiuunusagisnuin Naive Bayes lviaaugn
podlun1sIUNgeign

Kongthon agany [7] diaueisnislumsiesssimnuaniiuneiulsasy

Y A o v Aa 1 a Y A Y a v

Y04gnA1 Wedasvaeuladeniinasenisdentsusuvesgndn uwasiveliigsiadila
ANLARLYegnATselssn Adeillidayaniwineaniuledelnn (Agoda) e

a & Aa ° | ] a = Y
FITWANUANANNTAel s INTNIY 275 witluuseindlng uagtaAuALNIINgNAT
& a < aq [ & £ [y
Viavun 8,500 AINAALIL F5N1Meaes Usgneusieg 2 luga As Msasiamninensatw
(Language Resource Construction Module) Wag n1svinuiiesaanudnidiu (Opinion
Mining) dnsunisasraminennsniw fduseufe 1) sausindeyaainivled 91ntul
ANUAATIUINRALTINANUARTILAEALEY WULTUANUARTILTIUIN LagANLARTIULT
au udrhluiuliluerdstoyaninufeiitu (Opinion Corpus) AdsAANUARLIL Usznausie
gadoya 3 YAlAkA HdRIuARLIAY (Sentiment Phrases) Aaudnwugidungudnnd
AuvnelnaLfeaiy (Feature Synsets) wag NgutaAuAALLYaIAT (Polar Word Data
Set) a1nuwinIsaseguuuunMsBesIzianuAaiy weztihdeyaluagulusuiuuvesada
iadnvesgsnaunadndedaluldlunsusuugsmnuduiusivgniuasimunauis

v 2% v 1 <@

walalignAliegsasninuassIng

Ennaji LazAne [37] UNauanIsaunuifngansey (Social Intelligence

A o

Framework) ﬁﬁ’lll'ﬁﬂLLEJﬂLLEJ%LLﬁ%i’JUi'JlIﬁ']WﬂJaG]LﬁuﬁLLﬁ@\‘]@@ﬂV}’Nﬁ daruoaulall vy

a o

TiUsenaunsmsudeyarisfunedfiueiufauiuvesgniiiidendndnmianieg 1o doya
ldsrusmmnduledminmes taald Twiterd) dmsunseuwunpail Wumsariauas

a 4 a =3 a [ a o & < ¢ A 1 [ 4

Bl R A L MR e AL TV i AT TR L (T PR e DL K R DU LY

Usznause 1) luganisatndeya iunisadadeuaainivlusdedrueeulal 2) luganis

a ¢ v PN 9 a

Ansizvdeya Wunisieszideyanaineiniuleddediay 3) Joyadednuosulal 10u

KY)

(% ' (%
] I

@ v 2 & de w SN | aAa ! [
wumAudeya Feiuninuteyatiluwasniiauelunisivanadsdoyauagszuy CRM 4)
Tugan1siesizit Wulugafinzuenuanisinsizideya nsoukufnuesnuide Ae ins
[ LY a - a < ¥ L= ! @ v A Y a o
Wawnalndansesiansassyanuaaiuvesaulunsedednueeuladls ielvusn
lensrudeyannudoinisvesduasnsudeyansindudundnduamnuseuiisuiuguis
Iner1N15AUTIVTIALTINa I TOUVDINARTIIAY JunBuNTARAANAALIY 191N

nssauTindeya Mndumdadennuiluaudy (Spam Detection) laun dananud
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Usgnausie URLs, Tamuiifudeanunisneumniunisnanis (Replies/Mentions) 131
ToANUNTUAUMIEY @ M1UAIE USERNAMES a1ntuvinn1sszydaruaniiu Tnewdady
a & a a & a a & 4« % 3
AUAALAULTIUIN AITUARLAULTNAY LaZANNAALTUNLTUNANY waagudugduuunsam
o  w ! a o ¢ = i Ao A& a o =
dvsuusiagndndiue 1InMsAntnudl nudTelldunisasuauAndiulag sy 89013
ldldonvazlinssmungugnan masaziimaiveyalusliavegaiuiislunsinsien
[ a =3 1 = [ %

waza U lUANUAALAUAINNGUDIY LNA LazD1TW LUUAU

Yaakub uaznne [6] dauedsnisluilunisvihmiesrnudaiu Tngldsuwuy
wanedif WeTIuTINdnyazvegnAulenuAniufetundndamudnhinasady
JULUUSINA (Business Model) Tneuuastopnudniiuiuliluguhuunsiesrinuass (Fact
Table) wu gnA1 (Customer) nansiaudl (Product) 1381 (Time) wagAIIMAALIAY (Opinion) 3
Jupaun1sA RIS Ao WhdeanuAniuinaiainaanyaraulanslluanseanuess
Tunsuvastapmudeiiuatiunisns fRdessaazwuuly 7 s2iv 581319 -3 9 3 Azuuu
Toun 5¥aU 3 AziuY wunens Mde (Excellent) SEAU 2 AYWUL W88 LAUALLANGANS
(Distinguish) 51U 1 AzlWW 11859 BaU5U (Accept) S8AU 0 AzUY neds una
(Neutral) 526U -1 Aty ey Ufesiantios s2au -2 Azkuu Meds lieeusu ssau -
3 azbun e we ludiuresnisaianaanvazUasaduniswdnnne Jalsuuuuves
woan3daliuan avdesnsiaaeuinluternuAniulinenn3tiiuvieli nsnsageu
wuaiu 3 nsdl Ae msaiu assfiuunediu waglinsaiuae Tunssmdeyalulilugvuuy
AdvayanIuAnLil ndsanaseaderanuAs il iwE vhnslesisienufngiu
wenaiangudeyatusuiuy 3 I Belszneume teyaussinvndniae ngue1yvesgnd

& A | a (Y [

wazdIANuAATIUNInoNAaiug Uselevtvetnuddel A a1u15095U18AMUAMLTILYDY

anfusaznaufisennanvurvemdnsamsdlaegsazmnuay sansIal

£
awv A o

Eirinaki [38] 1u3de ttnauessuulunsimiiesnudaiuiasnisdnginu
AzuLuALARfuTeILAn A LARTL Uszneulse 1. Suneumssiusiudoya 2. s
wissndeya 3. nasviwmilosnnuAawiy 4. MIIRERURATLLLAINLARLII Tugunounis
susndenuaniulaldyadeyannuiduves Bing Lui Uszneuludae Camera 80 A
Anufiu DVD Player 390 AanuAniiu Vacuum 40 avudaiiu TudunounswSesdayaldin

JepnuAniunnge wdneenidud luduneunsymiliesaudndiu lavihnisiduwing

a o

V891 POStagging kaginNISAIUIMMTEYENTENINAAUAN YL NYTAAIWIY (Noun)

v
o v a (% I3 U [ 1

warAszydInNAnIIY neind Audn (Adjective) tneszyin Anndniidla eg

Y

Indmnadnuaeign astiedidssytinnuAnmuiuluvesmaudnvugdngs luduneuy
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msdnadiuassuuanuAnvivarlirzuuunaudnvaelivinsainnudnvuy sud
a 3 ' a ® v ! [ I ]

nsasuazuuululssleamiufniiuitysglennnuniiuminaiasasdudiuin 91au
wsaunans luduneuilusyneulunag 2 8ane3yiu laun 1. The High Adjactive Count
algorithm 9zrivunAzwuuAmIuIL LUuA1 0 frduledid Adjective aglnd azgniiiuandu
1 A1 FednAwesRunNngniinTuazgniiAn threshold Wfmvua dunsumainnves
Fuazihunduaudnuazlusuian 2. The max Opinion Score algorithm Tudumeoudl

° o ) a . Y ° & a & Az o °
AMUAAIAITEUTIANUARITY (Adjective) IneszytiANuAAWumTuguINazivun
< 1 o o a 2 o & a o < ! J ] a @ Ao
WuAn 4 LarAI5zyvInNUAAULTWAINAUIZNITUALTY -4 @IUATTEUTIANAALAULAN
Ujasegimumin azgmilugasiie -1 Wewdsuanunevesilidunseiuduuazyi
NIAUANANYEIINNITUIAIANNARAZAUDINNEY VBIAMANYALIIN The High
Adjective Count algorithm anuuldAnnanudnuasiinanIsduduiniolay
TngdnAzRULIINAIVDIASEUTIAUAALILIN TN 16BINITVTIVIIMUARLAUAINET
JudhuinuietiavasihavesusasAnanyazudeiussniudesuanuazidsay 9103
NAGRINUI NNUBYaYANAFUlAIANgNABTlUNTTIMUNLINNTY 87%

Tribhuvan [39] Wiaueideduneuvein1svinnilosniuAniuLUy sEaU

[ A a < a = 1 1
AaaNwaly (Feature Based) UaduilpemUARLTIL wazn1sATUANNARTY Tnena17d1 N3

[ [

PUNilDIPNAATIUUTENDUME 3 SLAUAD SeeuLaNans Teaulselen seauAmaneMy 1.

q

=]

sEAULENET Ap NMITunALAnTULenaS UuTeuInE ol lauaIn Ay A
Usngluenans 2. seauiselen fie msdadenudniivluenaiseendulszlonuas

o a 3 1 [ a =) a 1 [ = a 3 [y
PuunANNARILLAasUSE oAl UBIUINAINaY d@1un1sYiudlBsANAnLAulusE Ay

AdNBME Aie NMsasUusinaEtRvedumdugiinmseday Ingeideidyadulunng

3

Y v '
a o =

VvilesmuAniulasauunaulunisia feature based \u 7 duneudsil Juneuil 1

MIssiudeayanuAnukastunsunsesendoyasne Wi nmsuilumirn Mssing

<

Jusiu Inenanyit mssivsudeyarnudaiivazdouintuainmiulidndes Auluazgsies
fiduneumduiinsgiulunsrvsadeyasiy laednaws Wsunsuiugiulumsinudeya
oA web crawlers, spiders, robots Tunauil 2 N3AUIAVeIAT (Path-of-speech

Tagging %38 POS Tagging) A9N151178ANUNINIUNITAAAINIMITTATBIAT LU AIUIL AT

[ o

Audnway Aveeuy Wuiu Tnena1nan Mildunadnvazdiulngfeduny wasiiaue
A19819098 “This is good phone” waawslaAe This/Phone is/V good/ADJ Phone/N

'
Y =

Judu Jumeun 3 nsatnnudnvuy Ao Msataetanzmuuvemnlsslonanuani

€

Wl dugudnuue Juneun 4 nsadnmszytinuAniy lnsainelanzAvens
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Usgonu ieaninduansrnudnimivdiulvgasiduiveneuszsu Tuneud 5 n153zy

1o A vVLSJ

LaneANAAWIL Ao N1sszyImfaialaduiuanirnudaiulndauiniolay agld

MIMANUALNBVDIATIUNITIFY LW AINELNILYNTH Wudy Tuneuil 6 Wuns
a o | a @& 3 a & & | '
seyUsglenanudniiu A MsTeyIdslennnuAniutiuinuAaiuluegdlsluwsiay
o ! = 1Y ! 1 < Yo Ly a < < a
ANENYALY LI WUAMDINY Uandesdnggukginn sy Geuseleaillinnudniuduids
UINFDAMANYAELUALADT uazidausianaes lutuneull §a51ufenisasnengsine duunlyd
Tun1sszyaEARWiumE WU e didgegntinAla AuaneruAniuAvziinumig
Tuvnemsaiudng Wudu duneuil 6 nsagurnuAauiuianue Ao n1sasuinluusas
Audnvarliaufaududaniolaudunuils dunsindssansnmaudsean
feature based 9¥i1n133nF1 Recall wag Precision nearialadlaugnaewmselyl
Milovi¢ [40] n15%1 eCRM (Electronic Customer Relationship Management)
umeluladlnifimsusevlavinisufuusmsnainguuuuln warAnuausanegsig

[y

= ' v v Y a 2 | Y A a v 1Y) %) = )
%QQ%?I’JEJI“LSU{L"\]Qﬂﬂq NANTTN A TUAIUN ﬂﬁ]ﬁ]EIVILﬂEJ’JSUENﬂU@Jﬂm FIUINTINAIUN

¥ A

gsnalimlieningudsdunumnsgunsaididnnselind dudunagnsindlunsfnsedoansiv
andn {ineatesdue wu uasingiv faduayy [udu Fandng uda eCRM azwiului

a G v v fu W 1% = ¢l 1% VY < 3
nsdeansvselsEmduiusiuiugnAilenaUseleiignAmaslasuies lagamgluiules
lawanlsausn sndudaadinsusulgilatoya Uunm waglimnuazaniunisaeslsausy
YoIRNITUINNAE 1A waziluseansan wazdinulutenwnlalunsivdeyalsasy
msiivannviatenw Alslunisiviveyalsausumsivalsniu lieduleaNuazaInay
NN580an57ENINTUTUUAZELIHR N1TUNEUBNRINNTIATNNTIZANTIIUANABINTT
vosgiminla Aazviligndndimiuawlawazeeusulunsuinis nsAumlsasulaegfiie
TunsAum udraunsauansTuluafiunsne samasausslunsuanst I uwmanl
Y I3 = ) = = U v A val v ' Y
aulunagnslunisisnngndn SIERnARsINas UM LHosa1ndideInissuaamuls

woswiwlonalumsasisraralsantedaseg annissyiiulavetsonaosidinesula

@ a

vaiisuese yseesu dmsuniL Ay W8 LilesuflinnuAniuresgnanluiuluididua
adniiagaaglinsiandusieg ATIHNUANUADINTVBIGNAAY 2 T 3 VDIUT UMWY
Tunsmwinisynseansusdedeausaulat ieswin 40% vestnvieadiondnsidld
uladinsetnedanueoulay de.dvwadentsidninlsusy uazainnisdisintinvieadien
1000 Ay Y8383n0s vosdingy wuii dnmsvesiuludeaiife 42% @endiiniuansdng

35% WaguSaeiviudianeaulal 15% awiuasulain n1sud1 eCRM wWhanldlugsiaae
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v v

anunsatlvignaviiinagainuaglasuuseleviunndu sudadivesgnainnssulsausy

Y

Tuszardau wayszazanime

¥
av A o !

Kasper wazansy [41] 91uddeiiinawedn Toanufniuvesyldviodidminla
msinsssyidusiavsgivresaafawiu iesnsudaudiiuamnudustantenniy
Anuiuiifuansaufaiiulfianseudaidiuinudon wazamiafodldiausisns
IUTAAAATNEe vuuledesen warsuuniidudnuaedenny wasiiauenadns
TugUuuufinsedu Sa3ondt BESAHOT Tpefidumausinag Buansausaadennudaudiu
Aeatulsusuimuaniy nsonerdeprmAniiuamsnyieesii washnisuls
fornuAnifiugenidulsslen uasvhnmaduunssytamuAnmeadn wagvhmsarn
psdUsznavdayanmaniwiiiolinnesiden wasmrndemnudniuegisasdon wwiing

[
1o o a

MuuadasgyiIeuaniiu Tunisudedenu lneameaifuazn1sswunyiantuledn
SuiuAadusszytinuaniuiildaina anturhnisiesziRadnsuaziiusius

Y a & o & v v g v o & A o Yo v
JornuAaiunitulsgloadeniny Tnguenl ilugudeyanadnsianigivetauslviiugld
3 BESAHOT Tuthmuneiagligdriinlaiuyaneiiluaisluguuunaasandony
Aniuuuiu Falunwieesiu Ingfiduneumiss) fell 1.0155U5deRNANTUlAeRS
Pnuinly wagvinisnsessiannislaeldonenanzavieesi ulilugudeya 2

fadannuAnTiueanidulselen wazwunuiite 3. JnsieiiuiuIndudiuinrseau

men1sTuunadRvesdsylanuAniukaznsdnesrUsTneudayananwieliinis

'
a

Aneidemandundaly e?famﬁuaqﬁﬁgq%ammﬁmLﬁngﬂﬁmuml”iﬁau Nt
Usgloadomnuniiuiignuus sndadudmiuniirfivesd iSadgadRadieudlud men
Ffmumnelndideiu afneienziddaludstlon anduasifiunadndl5idu
gufoyalarannsfmadnsTulsldmadens lummeaedinsigiissuy avldmnudn
Wi 1,559 aiAndiudsldainmssiusiy wiseenidu 4,792 Uszlea d1135un15Mnaeg R
Tudsyleadmiunismaass Sslutssleamanduiieuaniuiiudauin 2,240 Useloa 109
au 1,183 Uselen uaniliunans 938 Ustlen waw3esduq Alifeadulssusu 431 Uselen
PUUNFRIYIENETA danevinnglagnaes 3,145 Usylea vinneila 705 Usglea vivean
ANUYNFRY 0.82 TMsaindeya viuelagnaes 2,604 Uselea yhuieia 486 Ustlen
v3eremnugndas 0.68 iethiiiaediBunsauiy vhuneldgnies 3,208 Ustloa shunefia

646 Usylom ¥30A1ANLQNADY 0.83

Tsai wagany (8] diauadSnisananaanvazielinlsenSainnsiiasen
AuAnLeIfid1inlsssy Tuneuksnidunisadisdwuniiessytefniuiiiy
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Uselowe] Fesnsuuniilalusmudsed 1éun Decision Tree, Random Forest, Logistic
Regression wa Support Vector Machine (SVM) a1niiuvinisudsusslomiiedinszsiay
ﬁmﬁummmé’ﬂwm %@Uszﬂauéha Location, Sleep Quality, Rooms, Service, Value Wag
Cleanliness %gumawiamLﬁuﬂfliaqﬂsﬁ%mmﬁmLﬁuﬂuaqLm’agﬂiz‘iamﬁaﬁwmaqﬂmwmm
voustazANUAniu InEnTz AT IR EY Ussraude 4 Sunou tdud 1) maseyta
ANuARWiLYaLAazUsElen (Identify Sentence Polarity) 2) ASAIUIMAIAZLULYDILARY
Uszlen (Calculate Sentence Score) 3) N5dnnauUselen (Group Sentences into
Clusters) uag 4) lwonUszloaanmaalnes (Select Sentences from Clusters) wanns
naaeandliiuIISnsTiiauediusgans nndia

Khalid wazame [42] tiauedsnissuunanudndiuanndeninufnudiuilid
Tnssasralaeldifauunuuuioueuida (Ensemble Classifier) Wilatikani1ssuunluiau
nagmsmensRanlunsUTUURANN MBI U MILazATianelaresgnAn Buannnsg
ﬂizLﬁuﬂiz%m%mwmaﬂuLmaﬂm‘%auifmam‘%‘m (Machine Learning Models) lngl4luinad
Heulalurssunssu uduaueisnis Gredient Boosted Support Vector Machine
(GBSVM) ilalmiasaduuniiiign nansveaeslneldyadoya 2 4 lagld3s Term
Frequency (TF) wag Term Frequency-Inverse Document Frequency Fawan13nnaes
wandlifiudn 33nsiviaueiussavsnmiiladisuiuisnsdu

Songpan [9] ¥NNTIATIZRLAZYINUIEAZ LULAIAUANELY (Rating) 21nUw
397150jv03gnen (Customer Reviews) Fariulaiuviansalinlazlalignuannin
Anursuuutenusasdumazuuuanuiionels udbyminuie anAuesglvinguuy
asafutuuanuAnTiu foi wuddeilslainmsinnsikasrhuenzuuueauia
welavasgninitelsiaenndesiuuningaivesgndn laglduuudiassnissuunysziamaiy
whazidu (Probability’s Classifier Model) fogaiililun1side Ao uniarsaivesgnéniiidn
WnlsewsudeUsenausng TomauAniudsuan (Positive) LazmnuAndiudsay (Negative)
lumsianzilaz vuesaiagiuumuiswelaleisnisteviud tazgisnsaulddndula
WU WNTuaNugRYsEansanaugnasalunsiisazuueuianela Wiy
94.37% Fsganinisnssulsisudule

Calheiros Wagandy [10] V‘l"lmiﬁi"]LLuﬂmmﬁﬂLﬁumaa;ﬂ%ﬁmﬂmwm et
Tnsnilestannuiay 35013 Latent Dirichlet Allocation (LDA) Ing53usIvayaum
Fansallsausuduan 400 Tepanu LndnseuIunmsusElivauAnuvesiininiagly
WMsmilesdenu (Text Mining) WaZMISATIILUUTIABIRIUD (Topic Modeling) nanns
neaakansliiutisnusAnudazseau (Topic) maqqﬂé’wﬁﬁﬁiaﬁmﬂaﬂiaLLim [

Food, Different, Hospitality, Location, Romance &g Site %ﬂmmiaﬁﬂﬂﬁmi’]zﬁw

q
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LL%QLLaB?\!ﬂ@'@usﬂ’e}ﬂi\‘lLLiﬂJLﬁ@ﬁ’]vLUU%JUU?\‘iﬁjﬁﬁ]lﬁ WU NANNSIILUNANUARTIUNUINTUN
F9n3ais1uan 95 Yeau Sanudaiuludsunniitaeuieatusu Location wasun
Sansaisuau 45 Jeanu Sanudaiuludsnniitaeuioniusiu Romance dhau3nis
yadlsausuannsatinanissLnAnEAniuanumasaii Ui uuuamislumsiauina
gnsN1InaInvelsdusula

INMIANYIUITLANE WU FumsumsimuInssunALAndY wazns

wa 1 v

AnsziideyanmELTRAnne YeIuanianufnLiiy 1w e 01y 918W T1eld nsfinw

Y 9

(%
£ 1 1 v a

wianidudu dautheinugsiauareIing kazyIenoUaueInURBIN1sVBINLTUINIT B9
sududrigligifasentdns iWilatemnusenisveadlduing saudanisuimsdnnis
Y o o s & 1 = ) 1Y A o a 3 < 13
anAnduiusgaludiunilaves CRM s wnasdayantanldlunsinsgianivled
A 1 [ &y ' a 3 13 < (3 1
iwsetedpuaeulan Lawn lumawlayn mawes vden 3nIulenvaslssusy Wy Agoda
(www.agoda.com) ulas TripAdvisor (www.tripadvisor.com) wagkiulas venere
(www.venere.com) 3ngudaya UC Tsausy uazainaisedu Wusu lnefiviedisly
NMITIUTIMTeYansil N3l APl ilaya vInmes wniesile PageFaceger Import. IO TIuEd
FOAWISNAIINWAN HTML voaiuled msiauinsdwunanufamiusiuiulusinduo
wansnuAnLiY Tnevaluiiduneunies aell 1) n3dn Usenounas mMIinnuYesing
mswdadudszlen nmsdnlagldnwauiunsy nisdelagldpdsindoya 2) nsidadmen e
msaumildddulunsduundennudaiiuesnainenals Amegawandlann dynum
MaEsINUIN AGion wagAthmtnue WWuaY 3) N15sInmdw fis nMsmALANTRS

U I3

Afnd 4) nsannAuanyae Ao NMITIAMENYrYetarNeandl lakA N1senuteniy
AgeAn (Bag of Word) nMsuidaauieAABnSAnR (Term Frequency : TF)
uaE NIunudeRUEANANARARY (Term Frequency = Inverse Document
Frequency : TF-IDF) 5) mMsidanAsanuaie 1 Information Gain %39Anaanan
andnuaizvedlaiunaule 6) M1sdatun amnsaduundae eseseus msdnngu 1wy

7) M5InUsEANSNINLIY A1S|IAN Precision Recall F-Measure Accuracy LHumy



Tuunilagnani uvodlssusuiioldludegsia
TneiTunauRNe)

Data Collection

Opinion Analysis

JUT 7 laauananszuiunisiwunauaniuuagnalsasuiieldludegsia
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3.1 mstﬁus‘msau%’aga (Data Collection)

1% PN au & vaw vy v a & 4 o =
ﬂ@HaWIﬂUQWUQQSU EJJ'JQEJI@TJUTJN?J@@'J']@JQ@L‘VTULﬂ?J'Jﬂ‘UIi\‘]LLi@J %QLUUEULL‘U‘U%@\‘]

Tomu (Text) Ngnideuuindseaunisalvemidainlsausy Usznavlumemnuaaiiiu

Sa | v

nannang mmmﬂmmummﬂLLavmmmmumanmma@mawmvmaﬂa ANUARLIIU
mﬂ;:ﬂfifflﬁﬂmaﬁﬁmmiﬂﬁwaﬂﬁqmmiﬁﬂ M‘%@ﬁﬂuﬂammﬁrﬁﬂﬁﬂ solsausula {Iduld
FIVFIWANUAAIUTD DN LSTU T3 30w 1L 3uled www.tripadvisor.com o
14 Import.io APIs TunssusauanuAniuvesiidain faued a.a 2004 - 2019 Feghs
UoANUAALAY LU “The room sure is tiny, yet very clean and comfy.”, “This hotel ok
for it 's price.”, “Great hotel great location excellent breakfast but twin beds and

a

room size is very small.” fs3U7l 8 fig iUVI 10

@ swmmslivimsmaduandida X @ IBIS STYLES BANGKOK KHAOSA! X | @& ADELPHIFORTY-NINE $104 (§34 X o ‘im‘
<« C { & TripAdvisor LLC [US] | https://wwwtripadvisor.com/Hotel_Review-g293916-d310475-Reviews-Ibis_Styles_Bangkok_Khaosan Viengtai-Bangkokhtmi
adVIsor Trips Int bﬂ Pmﬁle

Travel feed: Bangkok ~ Hotels  Vacation Rentals  Flights ~ Restaurants ~ Thingstodo  Cruises  eee

ST T SR
| Millions of hotels, homes and apartments to

" »
Booking.com (B from. Y Book now

ibis Styles Bangkok Khaosan Viengtai
@@@®O 1.249 reviews #115 of 964 Hotels in Bangkok
@ 42 Rambuttri Road | Banglampu, Bangkok 10200, Thailand ¢ 022805434 & Visit hotel website =1 E-mail hotel [1 save & Share

& 6 people are viewing this hotel
CheckIn oreck o
I Bl e I [

a | room, 2 adults, 0 children

Lock in the lowest price from these sites

@ THB 2,160

View Deal

gﬂ‘ﬁl 8 139433 Ibis Styles Bangkok Khaosan Viengtai Tyl www.tripadvisor.com


http://www.tripadvisor.com/
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Q ownmsliuimsmidumadida X @ [8IS STYLES BANGKOK KHAOSA! X @B ADELPHI FORTV-NINE $104 (€34 x | + =@ = |
< CG { @& TripAdvisor LLC [US] | https://www.tripadvisor.com/Hotel_Review-g293916-d310475-Reviews-Ibis_Styles_Bangkok_Khaosan_Viengtai-Bangkokhtml @ T ®
Overview Rooms Reviews About Photes Nearby Q&A Room Tips THBM_ZSvJSQ View Deal

1-5 07 850 reviews

@@@@O Reviewsd 2 days ago  [Jvia mobile

- Same same, but different
e This is my default hotel in Bangkok. | stayed here couple times before the renovations and
twice since. Always loved it for its convenience, cleanness, and affordability. This time
Exaterina T B .
v hewever, we noticed quite a lot of noise frem the bar across extending way into the... More
/ancouver, Canada
934 w29 Wl 3 Thank Ekaterina T ™=
Follow
+# Hotel's Favo

@®@@@®@ Reviewed 3 weeks ago

Amazing Location, Great Hotel

Booked here after staying in the same chain in South Korea. | was looking for a higher

comfort and service level, and | was not disappointed. Check in was very easy. | arrived

e uite late in the evening and toek a taxi from the airport... More
calgary, Canada ¥ 9 P .
4129 wle30 sle 6 Thank Erexd0 ™=
Follow
Response from ibis_Styles_Khaosan, General Manager at ibis Styles Bangkok Khaosan
Viengtai
Responded 2 weeks ago
Dear Erex30, Thank you for choosing the hespitality of Ibis Styles Bangkok Knaosan
Viengtai, and for taking the time to write a review about your recent experience. We are
very happy to leam that your stay was a pleasant one and thank you very much... More
p Reviewed 3 days ago  []via mobile -

v

JUT 9 PoanuAniuveaid1inlsusy lbis Styles Bangkok Khaosan Viengtai

smadwendda X IBIS STYLES BANGKOK KHAOSAI X ADELPHI FORTY-NINE $104 (834 X | + =@l = |
& TripAdvisor LLC [US] | https://www.tripadvisor.com/Hotel_Review-g293916-d310475-Reviews-Ibis_Styles_Bangkok_Khaosan_Viengtai-Bangkok.html B oy = e i
Overview Rooms Reviews About Photes Nearby Q&A Room Tips THme?syr]\ge View Deal

About

Description Hotel Amenities
ibis Styles Bangkok Knaosan Viengtai offer HOTEL FEATURES HOTEL CLASS @
a place of comfort with its rooms that boast » Restaurant  Free High Speed Intemet (WiFi) ik
inspiring and upbeat designs on every floor
plus all the modem facilities including v Bar/Lounge « Breakfast included AWARDS & RECOGNITION
powerful WIF 1o every visitor. A unique way
to experience Khaosan and Bangkok right at v Pool + Alr Conditioning @ centificate of Excellence
its heart.
v Banguet Room v Breakfast Available
CONTACT INFORMATION
v Business Center with Internet Access « Concierge
+ 02280 5434
v Conference Facilities v Dry Cleaning @ Visit hotel website 7
v Laundry Service + Meeting Rooms B E-mail hotel 2
v Multilingual Staff « Non-Smoking Hotel

ROOM TYPES

Show More ~

gﬂﬁ 10 A1edU18s18azLdsnvadlsaLIl Ibis Styles Bangkok Khaosan Viengta

TunsiiusiusaadeanuAniivresfidinlsusy wazeSulesuaziden

voslsausy Wneldiuled Import.lo Tunsiiusiusandeya dagui 11 daguil 12
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= 2
© HowIntemet of Things (o) he! X | By Google uslamun X | il Importio X | M Confirm your email - montakarr X ] Importio X o+ L 5%
€« C Y @ https//app.importio/dash/extractors o B W @ :

import.io

+ NEW EXTRACTOR

Y

There are no extractors to show

. \/

You're ready to explore!

Click the button below to get going

New Extractor

| ends on May 06, 2019

E‘Uﬁ 11 Aulest Import.io

© Howlntemet of Things ( X | By Google nuamwn x | [l mportio x [l Importio X @b 18IS STYLES BANGKOK K X | @ IBIS STYLESBANGKOK K x | + l=l@] = |

<« C (d @& nhitps//appimport.iofresults?url=https%3A%2F%2Fwww.tripadvisor.com%2F Hotel_Rey

Styles_Bangkok Khaosan Vieng.. O+ B # e :

import.io

)

Help + Extract data from website

Click to extract data from
website

# style Gui. [~] HeaderLink  ~ Social Member 1 - Default Small  ~ Social Member 2 - Hotels Review Block

H

PORTAL

wrote & review Apr 22 Cape Town Central, Sout... 61 contributions [ HemS Stayed here for 4 Nights with a

Jeff C wrote a review Apr 22 Liverpool, United Kingdom 2 contributions +1hrems booked four rooms for five nig.

Bridgwater, United Kingd... 5 contributions [/ e

A

EXTRACTORS

Excellent location if you want to.

8 contributions.

When you check in y

@ o

Sunderland, United Kingd.. 11 contributions  [JEialiseme’ Lovely Hotel, Perfect Location This was the first hotel we staye.

JUN 12 dnwuzveaiules Import.io 7ldlunsfiusivsmdeninufniu

v A

Tun1sAnLEaNToAMNAAWILTLTIUNISNAABIATIZIAZ ARLE DNLELANIZT DA LTI Y

[

[ v a =3 Aa o Y = .
NYIDINGY LALTBANUANAUTILAAMANYE (Feature) 5 AANYMY AB Location

(%
[

Service Food Rooms Price 579A15zuimuAniiy 1Usngegludeninufniiutiu i

(%
o

Jornuaniulalifinudnvaziaziszydinnudaiveslidadonuinaass Wesanll
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AadnuazlaluBauinviselisay JaguanURveslTeINYITAInuiALaNTaluNTg

91UT9ANNNTWSINA Y AIlLITelaglTinAnwAuEnIYIBNMEazNISLSWSY was

o ¢ Y ° Aa 1 Y] & v
uﬂﬂﬂwﬂﬂmzqu%uﬂw 4 NUIU 5 AU V]ll?’n']lla'ﬁil'ﬁﬂﬂ']u.ﬂqﬂf]'&)\‘iﬂﬂ‘b‘ LUUHL%EJTU']QJ;LU

msémssuwamaa

3.2 nzuuMTsieseudaya (Data Preprocessing)

wanvanen 19 Falsuuuudnvseildeansaiuluwagyililianuasadaluinsgils

[y

UIWU

a

IAING

3.2.1  mMshAnddaze1ndenay (Text Cleaning)

Hosangdinlsausuiivanvateidewd Yonnufniuveidiniinlswsudad

5

-
Frla. gty

FRIMREE S HR%EER
FAEESIE. RO LERY
BB o T2 Dot Rk,
BH/BICRIEHITE - TEFAY

nduma

C'estlaséme fois que je descendai
I'arrivée au départ tout est fait pour
le service impeccable. Uhistoire de
prix sontchers, C'estune aventure
et dudétail, latélévision intégreed

Frateatantiiny
LIRS~ I3 NI B TV
H=L)—OEMHISRZ B i

ISRF IR 22 Z7HENET
P TR Pld SAITmBnT ALAL

MEENnE

This hotel really deserves it’s nickna
Everyone is friendly and courteous.
For dining the Polo Lounge is legenc
The extensive wine list which includ
has the listed wines available.

.  @OOO® Reviewed 2 wesks ag0
B HHITEE2

@@OB@@ Revewso ¢ wesks 390
g FFEE
Goog on
Seasioas
" 3

kol

A LY 1 ¥ a 3 1
Elh/] 13 MI9819UDANIUARLNUNTYININE

i fdelaihnsdndenametennudniuiideumenwisingy uldlunis

G]’JEJEJ’N‘U’EJ?W’J’]&J@@L‘W‘Nﬂ’ﬁ?}’m’]\i‘] VI?’J‘US’J?,JT\]’]ﬂL’JUbLGZIG]LLﬁﬂQﬂﬂi‘UVI 13 LL@‘“W]TN‘V] 8
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AMY1IU
MM SEEER » PR S2m PRAy SRR AR 2] T LA ALLE TS
o BRI X e BATRE Y - BIEE I - AV LR AT DUE AR R
My > FEFXHARE] > HA TH AEAERGFADEIE - DXANERE S - X
HtGRERDLENR - EF S EENRE X HA K. B ERETE
208 F R/ R ICHIE TR - IS Fe i A7 !

AelFaiad
C’est la 5eme fois que je descendais dans cet hoétel qui
est simplement magique. De Uarrivée au départ tout est
fait pour vous simplifier la vie. Les chambres sont
splendides et le service impeccable. L histoire de 'hotel
rend le lieu encore plus magique et méme si les prix sont
chers, c’est une aventure a vivre absolument au moins

une fois. Symbole du luxe et du détail,

Ayl
DRI o —EIFNT-WEB>TW=ZORTIL, BREMNLEAT
F|EC, BARITITOTEFELS,
IN—LY)—DEMMSRZAZEVIBONBIEZA—FILADLI—
FO¥YTy FEDEFE, BOPRICRTILAYIZFIIL=ZTHRNES,
N TEL, FRESICERBRTILL LVEL,

i Anaan

AIINE
This hotel really deserves it’s nickname The Pink Palace as
you are treated like royalty.Everyone is friendly and
courteous. The rooms are well appointed and spotless.For
dining the Polo Lounge is legendary and deserves its
reputation for excellent cuisine. The extensive wine list
which includes the best of local and international wines

up to date and has the listed wines available.

) ¥ ¥
dnanluduyadaya

3.2.2  msmnusiinuesAn (Path-of-Speech Tagging)

msmivrdavesimseuszianvesi Wunisszynthivesusazeludeanufaiy
Fellvavue 8 vila A 1) Awn (Noun) 2) Aassnuy (Pronoun) 3) A1n3en (Verb) 4)

(%
tY



a1

Anseieval (Adverb) 5) AAaudny (Adjective) 6) Aywun (Preposition) 7) AdwUsTY
(Conjunction) uag 8) AManu (Interjection) lnufusiazUsenniivtiiuanaiuesnty

WU A mhiiludsesnuuagnsstvesusslen An3en vhuihivauennisnseinves
Usgs1u drudynun vimihidend Wudu yaudin (Tags) snnsgruildssymiriivesdily
mméﬁmwﬁﬁaﬂ% l@wn Penn treebank, Bown corpus tag-set Lay British national
corpus 1ag Penn Treebank $i91u7u 48 udin, Bown corpus tag-set fg1uiu 192 wiin uag
British national corpus 481uau 61 wiin si3seifld Penn Treebank Tagset Tun1sindu
yiavesi 19990 Tsnuiinliwezauiuly dulseazdeauiindauandluguil 14

RBR

SYM

Coordinating conj.
Cardinal number
Determiner
Existential there
Foreign word
Preposition

Adjective

Adjective, comparative
Adjective, superlative
List item marker
Modal

Noun, singular or mass
Noun, plural

Proper noun, singular
Proper noun, plural
Predeterminer
Possessive ending
Personal pronoun
Possessive pronoun
Adverb

Adverb, comparative
Adverb, superlative
Particle

Symbol

TO
UH

VBD
VBG
VBN
VBP
VBZ
WDT

WP$
WRB

infinitival 0

Interjection

Verb, base form

Verb, past tense

Verb, gerund/present pple
Verb, past participle
Verb, non-3rd ps. sg. present
Verb, 3rd ps. sg. present
Wh-determiner
Wh-pronoun

Possessive wh-pronoun
Wh-adverb

Pound sign

Dollar sign

Sentence-final punctuation
Comma

Colon, semi-colon

Left bracket character
Right bracket character
Straight double quote
Left open single quote
Left open double quote
Right close single quote
Right close double quote

gﬂﬁ 14 POS Tagging (Penn Treebank Tagset)

3.2.3 nsmInAmign (Stop Word Removal)

o < o al A ‘:l' £ a @ = & o Ay 1 o a L4
Amgndudnlaifianuvineivsingluteninumndiu duduilinisiiluinsey

Hsannliladeaununewasdwiinisinssvitayarinuiiawme evgafisinnuiesly

TJoAUNIHIBINGY laun “a”, “and”, “the”, “you”, “are”, “I” tJusu Mod1stonru

AALAL 124 “The rooms the staff and service ar

L wonderful a very. special place to

visit | couldn’t fault it and could have stayed a lot longer.” fifnugnlulszluapa

l(TheH’ lland”’ “are”’ l(all” ; (la” , “to” , “IH f “Coutdﬂ’t” , “it” , “Could” , llhaveﬂ Iu

(%
[ o

NuiTeilinsauAmgnesnaindenudniulagldndiimeninnsgIu 910 Standford

Stopword List #sag/lugunuuienans (Text file) 91u3u 257 A1 AILEAIANTINN 9 Tunouil

1%
P

Y IMARINAYIINIIAUNTINVDIAILGD INFIZAMINATRAMEANDY 81V IRAIUISAN

Judnu gndnsenty



M13799 9 AGIAIMEANINTFIY 91N Stanford Stopword List

a2

Il - and doesn't | herself my should to whom Hasn’t
2l ( any doing him myself shouldn't too why Haven’t
7 ) are don't himself no SO under why's hes
17 & aren't down his nor some until with heres
% as during how not such up won't hows
$ at each how's of than very would im
! @ be few off that was wouldn't Isn’t
-lrb- because for i'd on that's wasn't you its
-rrb- A been from i'w once the we you'd lets
-lsb- # before further i'm only their we'd you'll Mustn’t
-rsb- * being had i've or theirs we'll you're Shan’t
, below hadn't if other them we're you've shes
between has in ought themselves we've your Shouldn’t
‘W both hasn't into our then were yours thats
; 's but have is ours there weren't yourself theres
" 'm by haven't isn't ourselves there's what yourselves theyll
' a can having it out these what's HitH theyre
? about can't he it's over they when return theyve
< above cannot he'd its own they'd when's Aren’t Wasn’t
> after could he'll itself same they'll where Can’t were
{ again couldn't he's let's shan't they're where's Couldn’t Weren’t
} against did her me she they've which Didn’t whats
[ all didn't here more she'd this while Doesn’t whens
] am do here's most she'll those who Don’t wheres
+ an does hers mustn't she's through who's Hadn’t whos
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324 msafianudnuasuasnsataszydanuAniiu (Feature and Polarity

Extraction)

pdmimstidadmgaisouiesudn fideldinsatnmeandnuasuasfssyin
aruAaiiy Wiledondaudnunydsyilflun sseyamanTiuasissytiaudadiunld
Tunsieseiaruddnuesdeiiaula (5] [38] [39] [43] [44] Fsusznoulude vhuafisa
(Location) ¥4 (Rooms) n15U3n"3 (Service) awnsuagasashsl (Food) uagsiaviosin
(Price) TnefmAdnuuzani gnmurmanedfeildfnwandeunti Ssuenimiloand

1 '
I A a o0 AadAa IS

wian i Aninnuingwiloumaudnvasmaiusingey Feweglulsziamvesdiuig

et Jsaiaerdwuiniegluussleaanuniiunngislunsin e lngruumanil

v 2 o A - = Yo w oo o Y v =
wdesduAmilenuminewmilouvsalnaifgaiuiauaneuzd1esu (Synonym) alunism
o =i

Afianuviemileudnudnvaugldnauiunsum Synonym e A NIiALITLNY

WMBUAAMANYANLFINTINN 10

A1979% 10 M1519AT Synonym

a1y | AlAmanwY Aanfiauvnewmiioudqadnuny
Location Area, City, Street, Metro, Station, Train, Bus, Airport,
Distance, Place
2 Service Staff, Reception, Front desk, Wi-Fi, Pool, Spa, Gym
Food Breakfast, Bar, Coffee, Buffet, Dinner, Fruit, Bakery,
Restaurant
4 Room Bathroom, Floor, Shower, Size, Window, Door, View,

Building, room

5 Price Value, Cost, Amount, Discount, Payment, Bill, Cheap,

Expensive, Worth

waaInThnsanaARaEnvaEIIntenuARuY TS ATl
v o & a < v o o - o a o Y '’ ° a
nsafinA1szydIANAnLumumNTYes Ingidenmmivtiidy An3e (Verb)
AAANY (ADJ) wagAnse1iwal (ADV) WeasainAUssianidanunsausvenisninuiante

Aananslun13en 11 freg1eisnsarindlseutafniuLanIiagui 15




d' a o a o a
$19199 11 YUAVDIANUINTILATIY

s

XLE) A8 ldszyussianen
NN Noun Feature
NNS Noun Feature
NNP Noun Feature

NNPS Noun Feature
JJ Adjective, comparative Polarity
JIR Adjective, superlative Polarity
JJS Adjective, base form Polarity
VB Verb, base form Polarity
VBD Verb, past tense Polarity
VBG Verb, gerund Polarity
VBN Verb, past Polarity
VBP Verb, non-3d Polarity
VBZ Verb 3d Polarity
RB Adverb Polarity
RBR Adverb, comparative Polarity
RBS Adverb, superlative Polarity

a4

NANS NN 11 miéﬁ’@Lﬁaﬂﬁuﬁmaqﬁ'}ﬁ%Lmuﬁﬁqmﬁﬂwmz (Feature) lawA AU

(Noun) lagdishge Lo NN, NNS, NNP, NNPS wagAnionviinuasmfiasunuaseutining

Anwiu (Polarity) anydnvasmamdni (Adjective) Inedisge Toun JJ, IR, JJS An3en

(Verb) Inadisnge lawn VB, VBD, VBG, VBN, VBP, VBZ wazmivenansal (Adverb) taedlsn

¢/o TAwA RB, RBR, RBS 1u@u



Result

Penn Treebank Tagset

Rooms [NNS] staff [NN] service [NNS] wonderful [VBP] very
[RB] special [JJ] place [NN] visit [VB] | [JJ] couldn [NN]‘[NNP]...

L 4

wonderful [VBP] very [RB] special [JJ] visit [VB] | [JJ]

U7 15 TumaunmsarinA1szylanuAniiu (Polarity Extraction)

(%
o o

NFUN 15 uanstupeunsainAseydd

Tunsidunihfivesd andudenddnimdusinien (Verb) Aamdni (ADJ) wae

fnseeval (ADV) welldlunisszytnanudAndiulutunsudnly

[
1Y

3.2.5 mnmuﬁwﬁwszummmﬁmLﬁu (Polarity Representation)

waanvihnsaiamaadnezlarAsEuiIn NN U sUTRELE Junausen

nsunuam szt uAaiulaglindiiiunnsgiu SentiwordNet sUsznausae

AfnLazAIAzULYaA TnenuideildndannisiatsanAasiuuiilsngludesnswuu

a5

AnuAnU 1neld Pen Treebank Tagset

fusngarrziuuluteIrBsuInuaasddtduAduan dusingaaziunlutes

AdsaunansmAniduud ey uagimuuusnglunaisaunes SentiwordNet Ly

U5NgAALMUUN LT IA LTIV INKAEATNEU 9TNTANIINTININTBIATIUTING Luusiaz

AU Mo NmszyTImUANTILTlRIInAAIM SentiWordNet wanifmIs1a 12

A13197 12 fhetedszydnauAniiuainadedl SentiwordNet

A190U ANANA AZHUNALTIUIN | AZLUUANIAU nan1segy
1 Clean 0.5 0 UIn
2 pretty 05 0 uIn
3 usly 0 0.375 au
a4 lovely 0.625 0 ekl
5 basic 0 0.25 au
6 bad 0 0.625 au
7 good 0.75 0 uIn




NITeTlAde1eN

a3uanan@Annm

q

[%
v

ATEUNATFANN

o

AN

VRUUAAD 27 A YD

o

1NN zasuidnitdudnguan wavdneAmiitu

Usnglunaneaiuues SentiwordNet 3

=

[ J

1%

UUB

UUALTY

VulsazUsunINATIEisniu dredwituusngududigeun
@UNYTINGUINNINTL

UuduAnTsau Mog1e 1wy A3 Good Afdnwiniusnglu SentiwordNet

FIu 1 A AT Feaguinddne Good Wuffiuansauidnludaunn fegians

NINFUNANFNN Good 719

AN NN 13 AE1NAIAZBLULLIIUINLAZLTIAUTBIAIANY Good Tu SentiWordNet

a6

gAUUSUNBALUNVDIAN

Ao af v a ° o % a
1 AA RN uLelUTaUIN UL 23 A kaglianununeludau

a1au AFN AZLUUANTIUIN AZLUUANTIAY
1 Good 0.625 0
2 Good 0 0
3 Good 0.5 0
4 Good 0.625 0
5 Good 0 0
6 Good 0.75 0
7 Good 0 0
8 Good 0.625 0
9 Good 0.375 0.125
10 Good 0.5 0
11 Good 0.75 0
12 Good 1 0
13 Good 0.875 0
14 Good 0.75 0
15 Good 0.75 0
16 Good 1 0
17 Good 0.375 0
18 Good 0.65 0
19 Good 1 0
20 Good 0.75 0
21 Good 0.625 0
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22 Good 0.5 0

23 Good 0.875 0

24 Good 0.625 0

25 Good 0.5 0

26 Good 0.375 0

27 Good 0 0
Srunumdinlienzwuy \WauIn 23 M \WWeau 1 M

Tun1sdnmseaadiauianiu SentiwordNet AfA A dudma 49,578 A1 uaz

=) LY = o 1

L.wiazﬁmmusuaammamaaﬂmmmiﬁﬂﬁummﬂﬁu WU A1 “Good” UN1SLEnd

(% (% (%
o

mmifﬁﬂﬁw‘fmmﬂLLazL%aU L.LazmiLLammmﬁﬁﬂmaﬂLwiazﬁ’]ﬁﬂw,%amﬂL.Lazl,%aa‘uuum

Y

wusdunangsgauauidnaiuainzuy dwalinsdenldmuanspuidniielssytn
AuAnidudegeenuazlitaau Jan1sssyanuianiuusagaiudadiulinisine
azwuuluindniuiieanndfidudwanliaunsaindieridsaulussaumazwuuld
ety udplladanisAuansruianty SentiwordNet Tiduiigaauinlutiniy
Anviulugauanyseludau lnenalBeuiieudsinanisuaniaanuidnluusasau
wennil §3elevinnisnsIvaeuddniili SentiwordNet wui1 dfnfikansoantianinuian
Al lgoj 4 % o o i o o lgoj 4 [ dy | Ao aa =} =)
Mlaigdouiu 91w 38,318 A1 wilumligdouiulinuindmndanuningngunionse

'
va o [ fa A

AHUSIaA@sUINA@aUmAY gITelavinnsdarAninsiaunranenquLeToean o

e

o w L3 I

NAIININITAAANAGULATORDNIAY IWIUAIENYIAUNTD T114U 36,872 A

3.3 M5IASIZAANNAALIY (Opinion Analysis)
waaInAndunsesendeyasauFaandd Midldvinslase uagagurnufniu

Tuusagaaan v InTuAUAMIMEIUINEBITIAY 1nBnTI98eUTINIUYBIATUSUNT

%

LanseanfivrLFANIvsINgRIUTTBImAManvlssasal IneTawdung ladsil 1) 61
Usngaanimusdnludauinunnn ey waneinnudnvaugtindmgauan 2) gend

Usngegiunihvesmnuanvasdufidauininuunniuanigaaneae i dudid

U 9

au 3) ndiswuriiegldusuniegimunasiiansdisnusdnusnunduddinduly

Y

M3srYTIAUARLTuYeIRan vugl faeg1slssloaiu “Room clean wifi Internet

1%
[y 1a o Y a

connection slow perfect location” AMANYME “Room” 13J3Jﬁ’158QSU’Jﬂ’J’ISJﬂ®LﬁU’e]§J:

FANUMTNVDIAANT F9T 39U NAI N8 A UNAIUDIAEWNLNLTUFIFRFY WUINTIANIN

Y

“Clean” FadudAndauin deludsaguimaudnsug “Room” 1Windauin Anudneae
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(%
1Y

“wifi internet connection” aglunguvesnaanuMe “Service” IMNNTATIVADUAITTUL?
AnwARLTiUTINgogsunthussfandnuas wuindldii “clean” Fadududaun
Usingee Feiudsaguldihnadnune “Service” 1iudsuan wazandnune “Location” i
fuiuniuansoondsauddnegfuniiie “perfect” Baududndeuin fduazagulsd
Ay “Location” 1udauin usligndonansluiflesanlassairsvesnsidoudstlon
awanguaanallsumauiniviemittsuenisanuianlisumihviesundsuesd
AnsdnuaizAle 19U Service+ Lilpsandidndsuanegiumihvesnadnuas Service Ao A1
Clean Bsananupauiudfidminlfuansemnudnfiudonudnung Service Huday us

WeulidumasRard slow FwhlinamsiaseianuianiinanuRanain wsidilvey

waEsumNAMiuIzdeulinunTvesinuan vy §3 M50 16

A1599 14 F9819N1TIASIERANLAALIU

$9819 Room clean | wifi Internet | connection | slow | perfect | location

AR

LNUAT Room + Service Service - + Location

IGEREATRI

ANUAALTTY

BIGERI) Room+ Service+ Location+

ALY

3.4 N3I0UsEANSNMRINITIAIILARNANTILYIITIWALIISH (Evaluation)
ydmnihnslnsisinnaiiuseuiesudn fidelsinaildanmmeaassly
WivuiisuAumaasilianndieane Wievhmsiaussavsamuesmsitaszvini
Anufiugosgidinlsauss GsmAdeiliiieuusiug (Precision) warA1sedn (Recall) Tu
M3InUsEEnSaIm
1) m3inAAnuLdug (Precision)
M3inAImiNgITaIN TR zRR LAY LHUnsATIEeUAINgNA DY

Y84M15111U181AERATUIINATIVINUEYNABINITALATVINUNEVINUA AeaunIs (3.1)



49

Tuudayaiviunegnies (3.1)

Precision = - —
MUIUTDINTTNIUNYVNUUR

2) M3InA1AINTEAN (Recall)

N3InAIAINTEANTRIIBANSTIUNAMRARLILTUN 1T InANgNABITBINTS
v Tngazfiatsananeiiviusgndomnsdea sSiuaunraiaduimualudoyad
WUIATIEY ASEUNTT (3.2)

SRV RHE VR ITREAR RN (3.2)

Recall = - N P 2 e o
SnnuruAauiomaludegaiithuiemegd

3) M5IRAUsEANS A NInesU (F-measure)
M3InAUsEANS AN TAe TN LTUNISRANTUNAIAMNSLANTINAUAIANLLIUEG §9

d1nns (3.3)

2 X (Precision x Recall) (3.3)
(Precision+Recall)

F - measure =

VAIANNTINIUNTUTEINUTEANEAINNITI UL NSUTEINUSEAVEA nlne T
vosluana WiPewmgnaiulsusy (fuimsseavgavodssu) iludiansannadlaann
mswundarneAniuludsuindauressazaudnvausiazimMaussuisuiui

a

AaAN v IgnIgyly Description Hotel

Y

AN5197 15 AR89 INNAANSALNINN1SAATIZIMTUNUNALREE

10U AANTZAN | ANULIUEN
GRQH naLaaY naawslFann1sAaTIE gn=1 Tunnsviune
ARy Ain=0 an=1
=0
1 Location+ Room+ | Location+ Room+ 1,1 1,1
2 Location+ Room- | Location+ Room+ 1,0 1,0
3 Location- Room- Location+ Room+ 0,0 0,0
4 Location+ Room- | Location+ 1,0 1
5 Location+ Room- Location- Room- 0,1 0,1
6 Location+ Room- | Location+ Room+ Service+ 1,0 1,0,0
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[ [
Y v

NMTNAN 15 wndinsiunenudnyaskastiszyiinnufndiunsaiululsiag

AMUARLIL fad1 uegnses ustdin1siunenanyein WM sEuTIRUARLALRR

1 o

fazdon viunelinnaie fetuA1UsEaNSAN Precision, Recall, F-Measure

Precision = E
12
Precision = 0.5

Recall = E
12

Recall = 0.5

2x(0.5x0.5)
(0.5+0.5)

F - measure =

F - measure = 0.5

3.5  nsaguran1siasziauAnviuyesgidinnlssusy (Summarization)

Tunsaguransinsginnudniuveaidiinlsusy §Idednindugluuuvensiu
WERITIIUTIYINNEQNABIMUINREN s iaula 19 5 dnuay Aauanslusun 16

Hotel 5
230

7

250

200
2

(=]
(=]

1

wu
(=}

1

ERVRRIIRITR TN

A\

7,
W

-15 -7
-50 Location Service Food Rooms Price

ALANEALY

# positive = negative

JUT 16 fhegamsagunansiasizianuAnmiuresidiinlsusy
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MMSUSEUBUNANITIATIZATDANAAAUAUAIDS UL VDAL 5aLTH

WINIINITATUNANTIATIEANAAILTB I MNUAY Yin1sSeudieudn
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JoanuAniuvesiininlswsy danudenndesiuAesuisvedsiusulu 5 audnvue Ao

Location, Service, Food, Room Wag Price 3ok 31uuwinla dnansanudaiiiuldly

PANIWBALINUAUAIBIUIYVDI LS ILTULEAIIN L SILTUUUTNISVIUAIDTUNUVD LT ITU

1% v v a <@ Y Y v [ =
ﬁ’e](ﬂﬂa’e]ﬂﬂ‘lJﬂUﬂ’J’]llﬂG]LWU"U@QQL“U’]WﬂINLLSM muamﬂugﬂm 17

FuRILNEanG Y

600
500
400
300
200
100

7

0
. . . 0 .
Location Service Food Rooms Price

ALANM LY

£, positive = negative

Adelphi Forty-Nine is ideally
located on Sukhumvit Soi 49
in the heart of downtown
Bangkok in the upscale
district of Bangkok in
between the trendy
Thonglor and peaceful
Phrom Phong where it is
considered home to most of
the expatriates living in

Bangkok ...

Location+
Rooms+

Price+

H.

N

Description H.2

Extracted

Y 1

JUT 17 fggamsilSeuiisunanislinseidenudniuiuiesuie vedlsausy

INgUN 17 wudw@s&’hﬁﬂﬁmmﬁ@Lﬁm%amﬂiuéfm Service, Food,

Location, Room kag Price auadiv diulssusuladeumasuieannul i@slaania

pan U 3 AU Ap Location, Rooms Wag Price
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NANISALLUIY

¥
Aav aAaau

NIl IngUszasAionmunTuneuislunisannuansusuazui lyUym

q

(% '
a

AudNvarddoudIniunsTuunAuAnWiuiisg uuiAsevedsaNeaUlat Usynousie

4

<

NsiReNAMENYMY N1INTIRERUAMENYENTITOU N13TIUUNAIUARLTILLALAGEY
Usgansan psthiauenan1sidouvadu 3 da ldud duil 1. insesdlowasdoyasing 7
Ilun1snnaes @i 2. Tn1sneaes d3uil 3. nansuseiliulsednsamuazniseiuens

a a [ 1 dy
NNAad I51eazdennanaluil

4.1 \3asilouasdoyaiildlunisnnass

4.1.1 w3esiieflilunimnang

rsesilenazdoyar q Aldlunismaaedunuids Téun susnians Uszneuse
\ASpsnouiAREUUNANY ASUS Fily AMD Ryzen? 4700U usy 16.00 GB suwensiuas
waznildlunsdeunimeass 1A sguuUfifinng Windows 10 Pro 64-bit wiaimn

ganAwIsinaltluswnsy Mathlab

4.1.2 M353UTYeya (Data Collection)

Tunssiusiudeyalduusdoyasendu 2 g laun dearumnmiuuesdidiiin

£
=]

159LTULALAID3 U888 D8RVl TILSY BalTIusuNLAYINAISAUTIVTINT DA UART L]
%) gj 1 = < ::4' I

SERUAIAINAILA 2 A3 89 5 A sazilulsssuiegludsemdlnaluuangammnamiuns

13w 30 Tsausy Ineddreg1aniules www. Tripadvisor.com #e3U7 18 fis

'g‘dﬂ' 19
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QUTM insert  Pagelayout  Form Data  Review
g, X% . a o | = . . e T 2 Autesum - A
. Tahoma 1 A A = E £ # Wrap Text General t ,-‘ -.“ (- A 2 [ Fill - zY p

Rasial B F U- B A-|ESE S E%E BMegeliConter - | $-% * %W T é&:;d;:n;r;al' Fi;r:‘:lvas 5;2\: || Ioserti Dlete Format | Ei?r:ra" Sr:;;&
Clipboard 7 Font & Alignment & Number e} Styles Cells Editing ~
E20 - I -

A B c D E[~

1 Header Link Social Member Hotels Review text Date Of Stay
2 shangtuh 19 contributions; 12 helpful vMy first stay in an Ibis hotel and I am floored by the interior designs. Minimalist room decor and what I rea April 2019
3 Elsa 5 contributions; 1 helpful vot\We are currently staying in this hotel. Our late check in at 3am was smooth and quick. After a long and tirir April 2019
4 Brett 3 contributions; 1 helpful vot This hotel is situated on one of the busiest shopping streets in Bangkok, but... we never heard a single pee March 2019
5 JimH 437 contributions; 107 helpfi Having slept in some pretty grim places over the |ast week, it was such a pleasant experience to park my hApril 2019
6 Archana K 9 contributions; 1 helpful vot Relatively a new property. Nice location for a happening area. Very supportive staff especially at "Streats" 1April 2019
7 sarahvaughn2415 13 contributions; 7 helpful vcWe stayed here for a couple nights, while in Bangkok. The rooms and beds were amazing. We had plenty ¢March 2019
8 ana 26 contributions; 9 helpful vcts really nice, I like this hotel, friendly & helpful staffs. Nice clean spacious room, will be back. its safe thatMarch 2019
9 dodgeite 28 contributions; 55 helpful vspent 3 nights here.,great hotel, right in the middle of all the entertainment..walk out the door and bang evMarch 2019
10 VeeVee007 90 contributions; 85 helpful vLocated in a convenient spot for a short walk to the main attractions this is a fun and comfortable hotel. Fu March 2019
11 sasha 14 contributions; 10 helpful viovely hotel with tremendous service. on a busy loud street, but definitely more calm than the nearby khaosJanuary 2019
12 Paul C Weymouth, United Kingdom This modern hotel is a calming sanctuary in the very busy and noisy Khaosan district. The rooms are very nApril 2019
13 EDaya2016 Yorkshire, United Kingdom  This hotel is in a great location situated on the street next to Kho San. Our room was facing Kho San and wMarch 2019
14 Tafari Stevenson-Howarc Detroit, Michigan ibis Styles Bangkok Khaosan Viengtai is not only in a great bustling district its also a very comfortable and sMarch 2019
15 afifeid 2 My room is located the backside and didn't face for noisy problem. The rainbow pool is beautiful. The breakFebruary 2019
16 Grant Taree, Australia Currently staying in this great hotel which is situated in a central location. The rooms are newly refurbished March 2019
17 sarahvaughn2415 13 contributions; 7 helpful ve We stayed here for a couple nights, while in Bangkok. The rooms and beds were amazing. We had plenty <March 2019
18 ana 26 contributions; 9 helpful vcIts really nice, I like this hotel, friendly & helpful staffs. Nice clean spacious room, will be back. its safe thatMarch 2019
19 dodgeite 28 contributions; 55 helpful vspent 3 nights here.,great hotel, right in the middle of all the entertainment..walk out the door and bang evMarch 2019
20 VeeVee007 90 contributions; 85 helpful vLocated in a convenient spot for a short walk to the main attractions this is a fun and comfortable hotel, Fu March 2019 -
B Sheet0 | Description | (3 oo e ' ’ o T T T T »

JUT 18 dnwaizvestenrmAaruiiulilulig Excel

- . pay - A
& | Fohoma v -|A A #e D Wiap Text General . L p Iy | e mX iy Z Autosum 7T p
- = = | Fill -
49 ® | Conditional Formatas Cell Insert Delete Format | Sort & Find &
Formatting = Table = Styles ~ - - - & Clear~ Filter ~ Select =

[} Styles cells Editing ~

Paste B I U- -|&-A- €= 35 EiMerge&Center -+ $ - % 9

Clipboard 15 Font ] Alignment ] Number

G H I J K L M N o P Q R -
Ibis Styles Bangkok Khaosan Viengtai Description

ibis Styles Bangkok Khaosan Viengtai is situated in the heart of the action-packed Khaosan area surrounded by all the vibrant life that makes it the must-go-to place in Bangkok.....

Sheetd  Description | (&)

U7 19 dnwazaesmesuiesigandenvedlsusuinubilulig Excel

n3U7 18 fie n135uTIndonuAniuveRidinlswmstan UL
www.tripadvisor.com waglunissausauanudaiuvesiiin 1iiules Importio APIs

el pedu AendIuil (Header Link) aun@nleides (Social Member) ToAa13333l53u5y
(Hotels Review text) uag Juiiiniin (Date Of Stay) lngfidenumaiiliinainyaaanily

niivszaunsallunisitinuedianuaulalulswsuiu lngenaasuansannuiantuigauan
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vieisauselsausumantu dauguil 19 deSuieTeanBenvatlsusy Ibis Styles Bangkok
Khaosan Viengtai fg d@1uf188u1e18avldenvadlsasuzasugisanuneiay 1af 9aLau
olfiuFou wu Induvaaiondisn msliuimaaiuvedlsusuiiy nnismunadeni
AnufiuldmnuAnudiuiamanain 30 Tsaususel

1197 16 AT EAITIUIUTDALANAUIINLAMNATEI)

a9y Yolsausy rurudeanufniu
1 Ibis Styles Bangkok Khaosan Viengtai 1,249
2 | Adelphi Forty-Nine Hotel 946
3 S Sukhumvit Suites 990
a Phranakorn Nornlen Hotel 2,534
5 Metro Pratunam Boutique Hotel a41
6 CityPoint Hotel 1,392
7 Smart Suites 1,047
8 Citrus Sukhumvit 11 by Compass Hospitality 718
9 | Tints of Blue Hotel 587
10 | Holiday Inn Express Bangkok Sukhumvit 11 673
11 | Bally Suite Sukhumvit 800
12 | Majestic Suites 651
13 | Citrus Sukhumvit 13 by Compass Hospitality 766
14 | Salil Hotel Sukhumvit Soi 8 747
15 | The Key Bangkok Hotel by Compass Hospitality 760
16 | Citichic Hotel Sukhumvit by Compass Hospitality 543
17 | Hotel Clover Asoke 858
18 |'Sam's Lodge 484
19 | Vince Hotel 1,207
20 | Citadines Sukhumvit 11 Bangkok 939
21 | Paragon Inn 844
22 | Solitaire Bangkok 989
23 | Siri Sathorn Bangkok by UHG 758
24 | Shama Sukhumvit Bangkok 714
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25 | The Phoenix Hotel Bangkok 747
26 | Grand Mercure Bangkok Asoke Residence 783
27 | The Okura Prestige Bangkok 714
28 | Bangkok Marriott Hotel The Surawongse 1,347
29 Centre Point Hotel Pratunam 1,678
30 | Radisson Blu Plaza Bangkok 898
397 17 msranssautennudadiudiliiinisdniden (lAINRANITNNTING )
aeu Folsusu durudannuAaiu
1 Ibis Styles Bangkok Khaosan Viengtai 696
2 | Adelphi Forty-Nine Hotel 682
3 S Sukhumvit Suites 702
4 Phranakorn Nornlen Hotel 715
5 Metro Pratunam Boutique Hotel 294
6 | CityPoint Hotel 398
7 Smart Suites 375
8 Citrus Sukhumvit 11 by Compass Hospitality 398
9 | Tints of Blue Hotel 309
10 | Holiday Inn Express Bangkok Sukhumvit 11 368
11 | Bally Suite Sukhumvit 391
12 | Majestic Suites 379
13 | Citrus Sukhumvit 13 by Compass Hospitality 400
14 | Salil Hotel Sukhumvit Soi 8 400
15 | The Key Bangkok Hotel by Compass Hospitality 285
16 | Citichic Hotel Sukhumvit by Compass Hospitality. 285
17 | Hotel Clover Asoke 399
18 | Sam's Lodge 413
19 | Vince Hotel 400
20 | Citadines Sukhumvit 11 Bangkok 405
21 Paragon Inn 376
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22 | Solitaire Bangkok 420
23 | Siri Sathorn Bangkok by UHG 400
24 | Shama Sukhumvit Bangkok 403
25 | The Phoenix Hotel Bangkok 399
26 | Grand Mercure Bangkok Asoke Residence 389
27 | The Okura Prestige Bangkok 384
28 | Bangkok Marriott Hotel The Surawongse 383
29 | Centre Point Hotel Pratunam 400
30 | Radisson Blu Plaza Bangkok 396

ATV 18 WARADE19518TBLT T ANBBUNEAMEN YOI TY

a9y

i

UL AaSUIEAMENYMELTILTY

Ibis Styles Bangkok
Khaosan Viengtai

makes it the must-go-to place in Bangkok

ibis Styles Bangkok Khaosan Viengtai is situated
in the heart of the action-packed Khaosan

area surrounded by all the vibrant life that

Adelphi Forty-Nine Hotel Adelphi Forty-Nine is ideally located on

Sukhumvit Soi 49 in the heart of downtown
Bangkok in the upscale district of Bangkok in
between the trendy Thonglor and peaceful
Phrom Phong where it is considered home

to most of the expatriates living in Bangkok ...

S Sukhumvit Suites

Sukhumvit 23.....

on the main Sukhumvit Road, between

Sukhumvit 21 (Asoke Intersection) and

S Sukhumvit Suites is a stylish city hotel in the
heart of Sukhumvit area, ideally located right




57

4.1.3 MssryNaRaslngidetviny

Tunsszynaaglngdigedygydnuiu 5 A oz IufasAUAMIUNG1E9

o aa

Aodnvauzauladudauninviodsau gadelddimsnenudnuazwagAninnumue

= v

willeumandnuugliungilisrrigae lunsssydinnuaaiudmsuisiaziauanye

v o

ALY NN TNINTYINVDIAMARAIAN AN IUTIVINUALITIAU LW ANTIUIN AR AT

Y

wansfemusdnd WseANuIANAIULIN ATAY Ae ATuandtienuidn LR viierusdn
Auau Ludu nasNELTeIane 5 M Ymsseuraaeiseusesa Jidelddnden
wanzdenuAniuifdengiinaniunsaiuuinnd 3 A NIIRTIIERURALRAEN

a < v [ |
F’]'J’]llﬂ(ﬂL“l/TuleENE)lL%EJ'JSU’]QJLL?!WQ@QG]’W'NVI 19

MINT 19 NITATIADUNALAAL VI TYIVIEY

U U U

19U %QINLWZJ ei’iaﬂzqu Qﬂq:ua. faﬂ:qj

ANLAU AALAUN AALAUN

Mwdange | gndn ATy
1 Ibis Styles Bangkok Khaosan Viengtai 695 1 694
2 Adelphi Forty-Nine Hotel 682 0 682
3 S Sukhumvit Suites 701 1 700
4 Phranakorn Nornlen Hotel 711 a4 707
5 Metro Pratunam Boutique Hotel 294 0 294
6 CityPoint Hotel 398 1 397
7 Smart Suites 375 2 373
8 Citrus Sukhumvit 11 by Compass Hospitality. 398 5 393
9 Tints of Blue Hotel 309 6 303
10 _ | Holiday Inn Express Bangkok Sukhumvit 11 368 3 365
11 Bally Suite Sukhumvit 391 5 386
12 Majestic Suites 379 3 376
13 | Citrus Sukhumvit 13 by Compass Hospitality 400 1 399
14 | Salil Hotel Sukhumvit Soi 8 400 5 395
15 The Key Bangkok Hotel by Compass Hospitality 285 0 285
16 | Citichic Hotel Sukhumvit by Compass Hospitality 285 0 285
17 Hotel Clover Asoke 399 0 399
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18 | Sam's Lodge 413 0 413
19 | Vince Hotel 400 0 400
20 | Citadines Sukhumvit 11 Bangkok 405 0 405
21 Paragon Inn 376 0 376
22 | Solitaire Bangkok 420 0 420
23 | Siri Sathorn Bangkok by UHG 400 0 400
24 | Shama Sukhumvit Bangkok 403 0 403
25 | The Phoenix Hotel Bangkok 399 1 398
26 | Grand Mercure Bangkok Asoke Residence 389 0 389
27 | The Okura Prestige Bangkok 384 0 384
28 | Bangkok Marriott Hotel The Surawongse 383 0 383
29 Centre Point Hotel Pratunam 400 0 400
30 Radisson Blu Plaza Bangkok 396 0 396

4.2 namsinsgutaya

JoanuAniuiuaidogluusaslsusuinisei 20

4.2.1 MINANNEL01nI8AIN (Text Cleaning)

TudupeunsAndendennufaiiu ladndenolanzdanun1¥oIngy 910

FN197 20 ANSIUARITILIUTDAMBARTILIVINA (1NN1w1)

a9 Holssusa doanudawiy | durudeanudaiu
Wavian MYDINgE
1 Ibis Styles Bangkok Khaosan Viengtai 1,249 696
2 Adelphi Forty-Nine Hotel 946 682
3 S Sukhumvit Suites 990 702
4 Phranakorn Nornlen Hotel 2534 715
5 Metro Pratunam Boutique Hotel 441 294
6 CityPoint Hotel 1,392 398
7 Smart Suites 1,047 375
8 Citrus Sukhumvit 11 by Compass Hospitality 718 398
9 Tints of Blue Hotel 587 309
10 Holiday Inn Express Bangkok Sukhumvit 11 673 368
11 Bally Suite Sukhumvit 800 391
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12 Majestic Suites 651 379
13 Citrus Sukhumvit 13 by Compass Hospitality 766 400
14 Salil Hotel Sukhumvit Soi 8 47 400
15 | The Key Bangkok Hotel by Compass Hospitality 760 285
16 Citichic Hotel Sukhumvit by Compass Hospitality 543 285
17 Hotel Clover Asoke 858 399
18 Sam's Lodge 484 413
19 Vince Hotel 1,207 400
20 Citadines Sukhumvit 11 Bangkok 939 405
21 Paragon Inn 844 376
22 Solitaire Bangkok 989 420
23 Siri Sathorn Bangkok by UHG 758 400
24 | Shama Sukhumvit Bangkok 714 403
25 The Phoenix Hotel Bangkok 747 399
26 Grand Mercure Bangkok Asoke Residence 783 389
27 The Okura Prestige Bangkok 714 384
28 Bangkok Marriott Hotel The Surawongse 1,347 383
29 Centre Point Hotel Pratunam 1,678 400
30 Radisson Blu Plaza Bangkok 898 396

4.2.2 matiuntirfivesd (Path-of-Speech Tagging)

nsmnuntnivesAlagly Penn Treebank Tagset Tun13AAvninNuasm
losagun 20

sometimes[RB] when[WRB] you[PRP] stay[VBP] in[IN] an[DT]
we[PRP] just[RB] retumed[VBD] home[RB] after[IN] a[DT]
()] stayed[VBD]  at[IN] this[DT] hotel[ NN] for[IN]
we[PRP] have[VBP] stayed[VBN] at[IN] the[DT] hotel[NN]
can[MD] Tvel t[17] wait[NN] to[TO] go[VB]
t[PRP] was[VBD] our[PRPS] first[17] time[NN] at[IN]
i3] realy[RB] love[VB] this[DT] hotel[NN] ]

7] "ve[VBP] been[VBN] waiting[VBG]  to[TO] have[VB]
()] stayed[NN]  with[IN] my[PRP$] Famiy[NN] for[IN]
iINN] was[VBD] lucky[33] enough[RB] to[TO] travel[VB]
this[DT] is[VBZ] the[DT] first[17] time[NN] i[NN]
eI T wachmnT analcn1 TR e rm hatale TNNGT

Aayailldanifuaaunisyia POS Tagging

510N
iconic[17] hotel[NN] Hal it[PRP] does[VBZ] not[RB.
si-night{)J]  stay[NN] at[IN] the[DT] beverly[J1] hils[NN
my[PRPS] bithday[1)]  weekend[NN]  and[CC] t[PRP] was[VB
in[IN] the[DT] past[NN] L] what[WP] draws[\
back[RB] L] it[PRP] ‘TvBD] s[NNS] like[IN]
the[DT] bhh[NN] and[CC] we[PRP] had[VBD] a[DT]
it[PRP] has[VBZ] a[DT] beautifull 1] old[21] holywaor
brunch[NN] in[IN] the[DT] polo[NN] lounge[NN] for[IN]
the[DT] first[17] time[NN] n[IN] the[DT] beverly
with[IN] work[ NN] to[TO] this[DT] amazing[1J] hotel[N
have[VBP] stayed[VBN] here[RB] and[CC] it[PRP] was[VB
thronahant TN caifarmialNNT that TN walDRDT ctavadRAT  durinall

'gﬂﬁ 20 Sﬁagaﬁié’mﬂ%’umaumsﬁw POS Tagging




4.2.3 MsmdnAmen (Stop Word Removal)

60

nsmanAmen TYASIAmgAN1nIgIUL 210 Stanford Stopword List #eegluguiuy

‘sornetimes’

‘sometimes’

'sometimes’
‘just'
‘stayed'
'stayed"

first'
"really’
e
'stayed"
'Tucky'
first'
'one’

[

‘when'

we'

g

‘stay’
‘returned’
‘hotel'
‘hotel'

't'

‘timne’
‘love’
‘waiting'
‘family’
‘encugh’
‘tirne’
‘six'
‘rating’

'icenic’
'home’
‘birthday'
'past’
‘wait'
'bhh’
'hotel'
‘brunch’
‘first'
‘travel'
'stayed"
'hotels'
‘hotel'

‘stay’
‘returned’
at
‘stayed’
‘wait'
‘first’
‘this’
‘waiting'
‘with'
‘encugh’
“fiirst'
one

‘for'

‘stay’

‘returned’

i
‘stayed’
‘wait'
“fiirst'

i
‘waiting'
i
‘encugh’
‘first'
‘one’

i

‘hotel'
‘si-night'
‘weekend'
‘draws’

‘go'
‘ground’
‘beautiful’
‘polo’
‘time’
‘work'
‘really’
‘throughout
‘everything'

live'
'stay’
‘amazing'
s
'back’
‘floor'
‘old'
‘lounge’
'beverly'
‘amazing'
‘fantastic’
‘california’
‘hotel'

‘an’ ‘iconic’ ‘hotel'

‘after’ ‘a' ‘six-night’ ‘stay’

'hotel’ ‘for' ‘my" ‘birthday'

'the' ‘hotel' 'in’' ‘the'

'ge’ 'back' . it

‘at’ ‘the' ‘bhh' ‘and’

! it' ‘has’ ‘a’

'have' ‘brunch’ 'in' ‘the'

‘Family' ‘for' ‘the' ‘first’

‘travel' ‘with' ‘work! 'to’

T" ‘have' ‘stayed" ‘here'

'six' 'hotels' ‘throughout' 'california’

'hotel' v ‘everything' 'at’

1 ‘ ‘iconic’ ‘hotel' 1

1 1 ‘six-night’ 'stay’

‘hotel' [1 [l 'birthday’

i ‘hotel’ [ 1

‘go' ‘back’ [ 1

i i ‘bhh’ 1

1 i [l 1

[1 ‘brunch [1 1

‘family’ {1 [l first'

‘travel' 1 ‘work' 1

1 i stayed’ 1

‘s’ ‘hotels’ ‘throughout' |'california’

'hotel' 1 ‘everything' |[]
'reputation*wever' ‘case' 'beverly' "hills'
‘beverly' "hills' ‘hotel' 'stayed" ‘hotel'
‘guickhy’ 'staff" ‘learned" ‘name’ ‘even’
‘back’ 'history' ‘beauty’ 'ambience’  'switched'
" 's' ‘like’ 'stepping’ ‘back’
‘room’ 'patio’ '3 'people’ ‘one’
‘hellywood"  'charm' ‘rooms’ ‘furnished'  'gorgeous’
‘years' ‘try* ‘famous’ ‘mccarthy’  'salad’
‘hills' 'hotel' ‘august’ 'checked' ‘room’
‘hotel' 'blown’ ‘away' ‘food' ‘amazing’
‘arrival' 'experience’  'rooms’ ‘food" ‘pool’
‘stayed ‘3week' "wisit! 'state’ ‘sadly’
‘front’ ‘desk’ ‘housekeepi... "valet' ‘cafe’

‘:4' o 1w aY v ) )
Eﬂ7121 mqaﬂqQﬂa%amlﬁﬂqﬂ%UWQUﬂqiﬂqﬂ@ﬂWWQW

it
at'
‘weekend'
‘past’

e
‘beautiful’
'polo’
‘time'
‘this’
‘and’
'that'
‘this’

i

i
‘weekend'
‘past’

i
‘beautiful’
‘polo’

‘time’

'hotel'
'several'
‘though'
'rooms’
‘time’
‘sofabed’
‘fabrics'
‘weell’
"air-con’
'service'
‘area’
oy’
‘persannel

lenans (Text file) 313w 257 M JeyanlaaInduneunismdnven uandfasgui 21

‘old’
'lounge'
i

‘amazing’

‘lounge’
[l
‘amazing’
[l

[

‘hotel'

‘perfection’
‘times’
‘first'
‘times’
‘rooms’
".what'
‘make’
“finally'
‘leaking’
‘insane’
‘really’
‘worst’

‘excellent’

INFUN 21 UAAeRI08 19U aNlARNTUABUATIAIARAIMEYRA dIUT 1 LARIANT

Usnglulsslonnruaniiu @uil 2 wandnisde

UszlganiiunisinAveneansuuiasway

o a

AL

‘not’
‘beverly'
[
‘what'
"like'

[
‘hollyweod'
‘for'
‘the'
‘hotel'
‘was'
‘stayed'
‘from’

like'

1
'hollywood"
1

1

'hotel'

1

'stayed"

1

'sleek’
every'
‘time'
'casita’
'staff'
'loved"
‘feel'
‘wisited"
'terrible’
‘able’
'great’
'expected’

'polite’

Jurmenesn wazlun1seil 3 wena
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AasENwENITUe GanglinsianqualamuanuazMetulagausatlUinsesilnegned

UsEAnBAN NaaWSAlALARIRITUN 22 wag 3UN 23

1 2 3 4 5 6 7 8 9 10 11 1
1 [second  |time “hotel’ ‘liked" lot' “center “super’ ‘crowdy' | 'khao' ‘san’ just’ step’ A
2 'really’ ‘love' ‘hotel' like' ‘thank' ‘much’ ‘tormmy’ ‘wonderful’  |'hospitality’ “helpful’ ‘nice’ ‘food'
3 'large’ ‘hotel' ‘road" 'khao' ‘san’ ‘road" ‘heart' ‘nightlife.the’ 'reoms’ ‘large’ ‘clean’ 'swimr
4 |family’ ‘really’ ‘loves' ‘hotel* ‘location’ ‘perfect’ ‘pool’ ‘decent’ ‘rooms’ ‘spacious’ ‘clean’ ‘breakf
5 'gold' ‘member’ ‘member’ ‘check’ “children'  'stay’ ‘free’ ‘room’ ‘hotel' ‘means’ ‘share’ ‘parent
6 |'loved' ‘stay’ ‘hotel' ‘right’ ‘'middle’ ‘lovely' ‘bangkok' 'streets’ ‘'massages’  'modemn’ ‘peaceful’ ‘come’
7 |'stayed' “kids' ‘years' ‘old" ‘asia’ “fiirst' ‘time’ ‘hotel* ‘clean’ “family* ‘room’ ‘really’
8 'clean’' ‘hotel' “friendly’ ‘staff’ ‘close’ ‘loads" ‘amenities’  |'sights’ ‘stay’ i ‘breakfast’  |'swimr
9 'loved ‘hotel' ‘great’ ‘pool’ 'good' ‘breakfast’  'best’ ‘part’ 'locatien’| ‘lots' ‘restau
10 'really “really’ "good' ‘experience’ |'hotel’ ‘behaviour  ‘hotel ‘staffs' ‘good' ‘good’ love'
11 'booked ‘hotel' ‘night’ ‘stop’ ‘way' ‘australia’ ‘husband" ‘isited" ‘thailand’ “fiirst’ ‘time’ 'yo'
12 'great’ ‘place’ stay' visit' ‘bangkok' 'stayed’ “family’ ‘room’ ‘perfect’ ‘parents'’  'grown’ offspri
13 'staff’ ‘helpful’ ‘polite’ ‘shared' ‘information’ ‘places’ ‘interest’ ‘wisit! ‘checkout'  ‘bags’ ‘kept' ‘access
14 |'stayed' ‘old' ‘viengtai' ‘hotel' ‘made’ ‘perfect’ ‘sense’ ‘stay’ ‘newly’ ‘refurbished’ ‘ibis.the’ ‘hotel*
15 |'stayed’ ‘hotel' ‘days’ ‘hotel' ‘clean’ ‘cemfortable’ 'minor’ ‘troubles’ ‘stayed' ‘mother’ ‘floor! ‘card’
16 'staved' ‘end" ‘march’ ‘hotel* ‘perfect’ “famil’ ‘comfortable’'lona’ ‘fliaht’ ‘thouaht' d* ‘booke ¥

o . o S 4 o o
JUN 22 NaUMSUNUANLANUMINEULDUAANANYME
Y 9

1 2 3 4 5 & 7 8 9 10 1 1
1 'second’ ‘time' ‘hotel' 'liked" ‘lot’ ‘center' ‘super' ‘crowdy’ 'khao' ‘san’ ‘just! ‘step’
2 'really’ ‘love’' ‘hotel' like' ‘thank' ‘much’ ‘tomimy” ‘wonderful' 'hospitality’ ‘helpful’ ‘nice’ ‘food"
3 'large’ ‘hotel’ ‘road’ 'khao' ‘san’ ‘road" ‘heart’ ‘nightlife.the’ 'rooms’ ‘large’ ‘clean’ ‘swimr
4 'family’ ‘really’ ‘loves' ‘hotel' ‘location’ ‘perfect’ ‘senvice’ ‘decent’ ‘rooms’ ‘spacious’ ‘clean’ ‘food"
5 'geld ‘member’ ‘member’ ‘check’ “children’  'stay’ ‘free' ‘rooms’ ‘hotel’ ‘means’ ‘share’ ‘parent
6 'loved ‘stay’ ‘hotel' ‘right’ ‘riddle’ ‘lovely' ‘bangkok’ ‘streets’ ‘massages’  ‘modern’ ‘peaceful’ ‘come’
7 'stayed' "kids' 'years' ‘old' ‘asia’ ‘first! ‘time' ‘hotel' ‘clean’ ‘family ‘rooms’ ‘really’
8 'clean’ ‘hotel' ‘friendly" ‘service' ‘close’ 'loads’ ‘amenities’  'sights’ ‘stay’ ‘good’ ‘food’ ‘swimr
9 'loved' ‘hotel' ‘great’ ‘service' ‘good’ ‘foed’ ‘best’ ‘part’ 'location’ 'lots' ‘restau
10 'really’ ‘really’ ‘good’ ‘experience’ |'hotel' ‘behaviour'  |'hotel' ‘staffs’ 'good’ ood 'good’ ‘love'
11 'booked" ‘hotel' ‘night’ ‘stop* ‘way' ‘australia’ ‘hushand* “visited' ‘thailand" “first! ‘time' ‘yo'
12 'great’ location' 'stay' isit ‘bangkok' 'stayed' family' ‘rooms' ‘perfect’ ‘parents’ 'grown’ ‘offspr
13 'service' ‘helpful’ ‘polite’ ‘shared’ ‘information’ 'places’ 'interest’ “isit! ‘checkout'  'bags' 'kept' ‘accese
14 'stayed' ‘old' ‘viengtai' ‘hotel' ‘made’ ‘perfect’ ‘sense’ ‘stay’ ‘newly’ ‘refurbished’ 'ibis.the' ‘hotel'
15 'stayed' ‘hotel' ‘days' ‘hotel' ‘clean’ ‘comfortable’|'minor ‘troubles’ ‘stayed’ ‘maother’ ‘rooms’ ‘card"
16 'itaved‘ ‘end" ‘march’ ‘hotel’ ‘perfect’ ‘familv' ‘comfortable’ 'lona’ ‘fliaht' ‘thouaht' d' 'buol;a

A o aa a ° Y}
EU‘W 23 ﬂ']ﬁLLWUﬂ’WliJﬂ'J'uJ‘V‘lI']ElLﬂﬂ@u@qﬂmaﬂwmg

W nIiINIsuUAliaumngmdeuA AN ey nululnazgadennuRni

lonanfawiaraadnuae lagldamiisuninninnsnainnaansmetulagnss auans

f10819lAFInN5199 21



62

= U 1 o o L A ) 3 LY o A d' ¥ a 3
B3N 21 Gl’]’e]EJ’Nﬂ’]‘H’JUﬂ’]QﬂJﬁﬂMiU%V]L‘U‘Uﬂ’WiaﬂLLaZF’ﬂLWN@u%ﬂiﬁﬂaiusﬂaﬂ’l’]ﬂJﬂﬂmu

F.1 F.2 F.3 F.4 F.5 Sum.

Main Synonym Main Synonym Main Synonym Main Synonym Main Synonym
H.1 347 785 102 847 161 2,739 360 1,126 116 219 6,802
H.2 196 770 168 849 145 590 199 1,041 65 130 4,153
H.3 450 1,097 140 588 205 493 294 4,014 117 161 7,559
H.4 138 903 82 543 216 573 243 400 22 78 3,198

g8UANS197 21 Tnefl H.1 Ao Tseusud 1, H2 Ao Tseusud 2, H.3 Ao Tsausufl 3
way H.4 A Iiﬂuﬁu‘ﬁ 4 @y F.1 A Feature Location, F.2 Aa Feature Service, F.3 A
Feature Food, F.4 f® Feature Rooms Wwag F.5 Aa Feature Price

Tudfeya H.1 fSnnudaudnensiusngegdnnu 6,802 d Ssuszneuluse m
AnudnwAETINNTIan Ao Audnvuy F.4 913U 360 M AMandnvuyiitosfian Ao
AnudNwAY F.2 $110u 102 A didanumnemieudaadnvugindigade F.3 S1uou
2,739 f1 Aiiflennamnemiloumaudnvuztiosiianfe F.5 S1um 219 M

Tudeya H.2 FSuudandnvusiunngegdnny 4,153 f1 Ssuszneuluse m
AN INNTian Ao Audnvuy F.4 910U 199 M AMaadnvaritosiian fe
AdNYNY F.5 91U 65 A diidaumnewileusnadnvazinniigado F.4 S1uou
1,041 /1 Adiflansmnewmileumaudnvuriosdigade F.5 §1uam 130

Tudeya H.3 Twudandnuasiusnngegdmau 7,559 f Ssuszneuluse m
AndnuniEINNTian fe Aaidnway F.1 §1131 450 M AaudnusitdesTign Ao
Anudnwalz F.5 $1uau 117 M dmdienamenemiieudaadnvazinndigade F.4 d1uou
4,014 i MiEauvIewieumandnvzlesTiande F.5 $1udu 161 M

ludaya H.4 I9iumnuanvaizNUsINgegauiu 3,198 M1 deusenaulume M

'
% =

ANGNYMENNINTIEN iR ABANEME F.4 31U 243 A1 ARuaN vaueIvee?gn Ao

'
o A

udnwy F.5 91U 22 A1 AfidianuvinemilauraManyLsInigaae F.1 31171 903

o aa & ° 5} 1 c{' a ° °
1 ﬂ'Wlllﬂ'J'uJVll']EJLMN@Uﬁqﬂmaﬂwmguaﬂwq@ﬂa F.5 97U 78 A"

1o o a <
4.2.5 NIILNUATIATISUVIATINARLAY

Nuideilldndsd SentiwordNet TunisunurnAmszutimuAaiiu ludaniu

° Y} v

ALY T,msJLﬁaﬂwmwwmﬁgﬂﬁmuwumLi‘]u JJ, JJR, JJS, VB, VBD, VBG, VBN, VBP, VBZ,

RB, RBR Az RBS mﬂﬁuﬁﬁmﬁLmﬂzﬁmﬁumﬁﬁzwﬂ"'gmmﬁ@Lﬁu TAgNaNTUINNAT

AzLuunUIINglu SentiordNet lngn1silSeuiisuusunanmsuansanuidnlunsiaza
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PINWUT TAUTIUINUINAIIAUTIEAU BAAI1 AFWALUTUANTIUIN WNUAIFY

LATOIVHNEY + AIMINNISIUTEUNEUUTIIUNTUARIANTANLAY NUIHANTIAUNINAT

v

w@n931 ArdnsluduABay wiuaerseNe - WUAY wariMiNNaIINAISUSNg

[ ]
o 2 o

Ian15An weituAn il gdeuiuldliaNinuaguLATe iserATNUSINUABIUINATRY
Wi azgnaneenlaithuifiansan dwdandluguin 24 udwihnsiiadnnadldiieatesesn

Aananslugun 25

‘outside’ '+ ‘everything'+' + ‘rooms’

1+ + "hotel + + - + ‘crowdy’  ‘'khao' 'san’ +' "+ +!
2 '+ + "hotel + ‘thank’ +' ‘tommy’ '+’ +' +' +' ‘food' "food’ ‘'many’ ‘choices’ 'choose' '+' +' +!
3 '+ 'hotel ‘road 'khao' 'san’ ‘road + ‘nightlife.th 'rooms’ '+ + +' ‘service' '+ rooms’ '+ 'seats’ - 'fo
4 'famiy’ + ‘loves’ 'hotel' ‘location’ '+ ‘service' '+ rooms’  'spacious’ '+' ‘food' +' + +' +' + +' g
5 '+ ‘member’ ‘'member’ - "chidren’ '+ + ‘rooms'  'hotel ‘means’ '+ ‘parents’ 'bed' ‘normally’ ‘described' "'chidren’ '+ "+ "+
6 '+ +' "hotel + ‘middle’ '+ 'bangkok’ 'streets’ ‘'massages'+' + +' +' ‘evenings' 'service' '+ ‘helpful.”  [] N
7 'stayed 'kids' "years' + ‘asia’ +' + 'hotel' +' "family’ rooms' '+ 'spacious’ 'hotel ‘crew’ +' + +' m
8 '+ 'hotel' +' ‘service' '+’ "+ ‘amentties’ 'sights’ +' +' ‘food' +' ‘service' '+ +' +' ‘noisy’ ‘location’ '+
9 '+ 'hotel! + ‘service' '+’ food" + ‘part’ ‘location’  ‘location’ '+ ‘restaurant’-' 'khao' 'san’ rd' - ‘away’ "+
10 '+ + + + 'hotel! +' 'hotel' 'staffs’ +' 'food’ + +' +' 'hotel' "travel 'bangkok’ '+ *future.our []
11 'booked 'hotel + 'stop’ + ‘australid’ 'husband’ 'visted'  ‘'thaland’ '+ + "yo' 'son’ 'yo' 'daughter’ '+' + +' "+
12 '+ ‘location’ '+ + ‘bangkok’ 'stayed' 'family’ rooms' '+ ‘parents’ ‘grown’ '+ 'food’ + ‘service’ 'excelent.c'khaosan' 'road' "+
13 I'service’ '+ +' + + ‘places’ '+ + - 'bags’ + ‘access' 'service' 'rooms' ‘faciiies’ ‘'hotel ‘location’  ‘away’ 'kh
14 'stayed’ '+ ‘viengtal' 'hotel + +' + "+ ‘newly'  'refurbisher'bis.the’  'hotel 'takes' + - ‘road' + +' 'fo
15 'stayed’ 'hotel 'days' 'hotel '+ + "+ ‘troubles’ 'stayed' 'mother’ 'rooms' 'card' 'keys' '+ + "+ 'service' '+' 'de
16 'stayed’ 'end' + 'hotel '+ family' '+ '+ + "+ '+ 'booked’  'family’  'rooms' 'told' ‘wasn' 't 'ge
17 '+ 'location' 'bangkok' 'old-town' 'location' 'many’' "+ "location’  'food' "+ 'atmosphe 'price’ 'baht' '+ "also’ "+ location’ '+' 'se
18 'staved’ 'famib'  ‘rooms' 'famiv’  'rooms' '+' + "+ +' - 'beds' ‘chidren’ 'overlookini'service’ - "auick! + *food' "+

3U7 24 nswnuamssytinufaiiulagld adsdn SentiwordNet

1+ . . e - e e e e e ! 'rooms’ +
2+ '+ '+ '+ '+ + + + ‘food’ ‘food’ + + -
3 '+ ! ‘rooms’ '+ '+ '+ 'service’ '+ ‘rooms’ '+ ‘food" '+
4 [+ ‘location’ + 'service' + ‘rooms’ + ‘food' + '+ '+ ! +
5 '+ ! '+ rooms' +' '+ e '+ ‘rooms’ - '+ +
6 '+ + o . . . - S 'service' . 11 11 11
7 ! + ! et 'rooms’ +' + et et et et et et
g+ - ‘service + + - + ‘food’ + service' '+ + +
9 '+ + ‘service '+ ‘food" +' 'lecation’ 'lecation’ '+ - + +
10|'+" + + +' +' +' ‘food" '+ +' +' +' 1 1
1+ . . . . . e . ‘service' . e e .
12+ ‘location’ - '+ ‘rooms’ +' '+ ‘food' - 'service' - '+ '+
13 'service' ! + ! ! +' ! ! '+ 'service' 'rooms’ 'lecation’ 'location’
4]+ v - '+ '+ + + + ‘food’ + ‘rooms’ +
15 '+ '+ + ‘rooms’ '+ +' '+ 'service’ '+ '+ '+ '+
16 '+ '+ '+ '+ '+ +' '+ ‘rooms’ ‘rooms’ '+ 'service' '+
17 '+ ‘location’ ‘location’ '+ 'location’ ‘food' - 'price’ - '+ 'location’ '+ ‘service'
13 'rooms’ ‘rooms’ . - e - ‘service' - ‘food' - e

JUT 25 nsunuaseytarmadaiiuleeld SentiwordNet uagdinAiiliinedeseenty

4.3 NANIILAIIZNAMNAAIU (Opinion Analysis)
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10 1AT0LNY UagdlABaUlAgUNUMEIATEINUNG - BYNIPUNTY ANAMGNYMY rooms
U 1 1AT89E NTUUTHULTIBUUTHIUNTUANIAIINIAN TIITALAINUIIAD

VN + UINNIIANTIAU - WaRII AFwATduAILTIUIN +

1 2 3 4 5 6 7 8 9 10 11 12 13
1 9 'rooms' 4
2 8 ‘food" 0 'food" 3
3 2 'rooms' 3 'service' 1 'rooms’ 0 'food" 4 'rooms’ 1 'rooms’ 11
4 1 'location’ 1 'service' 1 'rooms’ 1 ‘foed’ 13 'food"' 0 'service'
5 2 'rooms’ 4 'rooms’ 14 'food' 0 ‘food" 1 'location’ 3
6 8 'service' 1
7 4 'rooms' 11 'location’ 1 'service' 1
8 2 'service' 4 'food' 1 'service' 3 'location” 2
9 2 'service' 1 'food' 1 "location’ 0 'location’ 1
10 6 ‘food" 4
11 8 'service' 4 'rooms 1 'location’ 2 'location’ 3
12 1 'location’ 2 'rooms 2 'food" 1 'service' 3
13 0 'service' 6 'service' 0 'rooms' 0 'location” 0 'location’ 2 'food' 0
14 7 'food" 1 'rooms’ 3 'rooms’ 0 'rooms' 1 'rooms’ 0 'rooms’ 0
15 3 'rooms’ 3 'service' 5 ‘rooms’ 0 'rooms’ 0 'rooms’ 8 'service' -1
16 7 'rooms' -1 'rooms’ 1 'service' 2 'food" 0 'location’ 4 'rooms’
17 1 'location’ 0 'location’ 1 "location’ 0 'food" 1 'price’ 2 'location’ 1
18 0 'rooms’ 0 'rooms’ 3 'service' 0 ‘food" 2 'location’ 3 'location’ 0
A o & a & o Y o v v o [y
E“LJ‘VI 26 ﬂ?i%‘qsd’]ﬂﬁﬂllﬂﬂLMU‘I/I‘U?’]ﬂQ@Q?J’N%N’]LL@Sﬂﬂdﬁaﬂﬂﬁﬂmaﬂﬂmz
1 2 3 4 5 6 7 8 9 10 11 12 13
1 9 'rooms’
2 8 'food'
3 0 'rooms’ 0 'food' 3 'service' 2 'price’ 16 'location’
4 5 'rooms’ 14 'food' 4 'service' 39 'location’
5 4 'rooms’ 14 'food' 1 'location’
6 8 'service'
7 4 'rooms’ 1 'service' 11 'location’
8 4 'food' 3 'service' 3 'location’
9 1 'food' 2 'service' 1 'location’
10 6 'food'
11 4 'rooms’ 8 'service' 3 'location’
12 2 'rooms’ 2 'food' 1 'service' 1 'location’
13 0 'rooms’ 2 'food' 6 'service' 0 'location’
14 5 'rooms’ 7 'food' 6 'service' 4 'location’
15 -1 'rooms’ 17 'service' 6 'location’
16 4 'rooms’ 2 'food' 1 'service' 0 'location’
17 0 'food' 1 'service' 1 "price’ 4 'location’
18 0 'rooms’ 0 'food' 3 'service' 0 "price' 5 'location’
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1 rooms+'

2 food+'

3 rooms+' food+' service+' price+' location+'
4 rooms+' food+' service+' location+'

5 rooms+' food+' location+'

6 service+'

7 rooms+' service+' location+'

8 food+' service+' location+'

9 food+' service+' location+'

10 food+'

11 rooms+' service+' location+'

12 rooms+' food+' service+' location+'
13 rooms+' food+' service+' location+'
14 rooms+' food+' service+' location+'

15 rooms-'  service+' location+'

16 rooms+' food+' service+' location+'

17 food+'  service+' price+' location+'

18 rooms+' food+'  service+' price+' location+'
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n3UT 28 Tuussitadl 1 Aaadnunt rooms+ Lilelesgidanuaiussuies
ué wuindudsuan + mnganguit 26 agmui Aaudnuas Room Slraay 9 szyey
danth uax F1daay 4 szyogmednunds FiBnsdaden fo fidisrydanunile
Usngegaumin [44] vesrAaanuugln wiehfmszyiimudniuiuresiandnuue
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4.4 nan13iaUsEanSamuainisiiaszinufniuvesidinnlsusu
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WaRINBATIwETIANUARTuTe N AT auazAndn Y Il naans
gavneilainnisveasdluifis UiukamagvesEliesnsymuasuteya n1sinuseansam
Tunuidell 1938015700 Precision £ Recall kawen F-measure FailNaansnlaainnis

AFDIPIANTIN 22 wag Error! Reference source not found. - gﬂﬁ 31

AN519% 22 ATIAUSEANSAINAN Precision Recall F-measure

o Sy | sawaudl | Swaudt | Srusuwa AMN | AR | AUsEANSAIN
Tsausy | A2 | viwnegn | situne (BEE waiugn szan Tngsu

AR Waviae Wavian (Precision) | (Recall) | (F-measure)
e

H.1 694 1,613 2,248 2,186 0.69 0.82 0.75

H.2 682 1,749 2,001 2,136 0.85 0.81 0.83

H.3 700 788 1,442 2,006 0.82 0.81 0.81

H.4 707 1,477 1,613 1,847 0.74 0.79 0.76

H.5 294 524 686 821 0.76 0.63 0.69
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H.6 397 470 663 795 0.70 0.59 0.64
H.7 373 397 600 687 0.64 0.56 0.6
H.8 393 792 1,200 1,094 0.66 0.72 0.69
H.9 303 713 1,023 927 0.69 0.76 0.72
H.10 365 597 862 920 0.69 0.64 0.66
H.11 386 522 1,030 753 0.50 0.69 0.58
H.12 376 583 906 944 0.64 0.61 0.62
H.13 399 593 1,006 1,015 0.58 0.58 0.58
H.14 395 533 861 1,031 0.62 0.51 0.56
H.15 285 347 581 730 0.59 0.47 0.52
H.16 285 348 581 675 0.59 0.51 0.55
H.17 399 535 775 820 0.69 0.65 0.67
H.18 413 479 932 1,318 0.51 0.36 0.42
H.19 400 575 732 930 0.78 0.61 0.68
H.20 405 415 1,046 843 0.39 0.49 0.43
H.21 376 808 1,230 1,559 0.65 0.51 0.57
H.22 420 350 680 1,000 0.51 0.35 0.42
H.23 400 317 1,003 686 0.31 0.46 0.37
H.24 403 329 1,009 700 0.32 0.47 0.38
H.25 398 222 876 736 0.25 0.30 0.27
H.26 389 419 1,054 798 0.39 0.52 0.45
H.27 384 376 1,035 778 0.36 0.48 0.41
H.28 383 451 907 820 0.49 0.55 0.52
H.29 400 328 1,104 780 0.29 0.42 0.34
H.30 396 417 965 848 0.43 0.49 0.46
Anade 420 602.23 1,021.7 1039.43 0.57 0.57 0.56

25U NN 22 Tnef H.1 A9 159usufl 1 J31uUAUARIUALNNIASIZA 694

oAU FIWIUTYIUEYNFBY 1,613 ATT TTUIUTVINM IV IVIUA 2,248 ATT I1UIUNE
RAYNINUA 2,186 ASY ANANUWLUET 69 % AIAIUTLAN 82 % harANUSLaNSANIAYTIY

75 %

H.2 A9 159U 2 $91UUANMNAAIUNEILIILATIZY 682 T8RN SIUIUNYIIUE

9NABY 1,749 AY IUIUNYIINTYIUNENIMUA 2,001ATT FIUIUNALRALTIIVINA 2,136 ATA A

AMULUUEN 85 % ANAINUTEAN 81 % warA1USEANSANIAYSIN 83 %
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H.3 Ao Tsausudt 3 S wauaudadiuiiviadnsies 700 daau Sruauiiviune
QnAeq 788 %Y UYL sn 1,442 A%t SruruNaRassTwIIn 2,006
A% Arauaiug 82 % AvAusEan 81 % warAUsEavSnnlagsa 81 %

H.4 Ao Tssusudl 4 SdawaueuAnmufivindn sz 707 Fenu S1uaudivhung

QnAes 1,477 %t SISy une e 1,613 ASS TNUNALRALT IR 1,847 A%y
ANANULNUEN 74 % AIPIUSEAN 79 % LazA1UsEansnnlaesid 76 %

H.5 Ao T5gusudl 5 SdruumuRnmuiiva e 294 Fanu S1uaudfivhung
QnAed 524 ASs Sruiivhnsviunesienn 686 A3 S1uaunanaEivia 821 ATe A
ANULAIUEY 76 % ANANTEAN 63 % LarAUSEaNTAINLAESIN 69 %

H.6 Ao Tsgusudl 6 SdruumuRnmuTivese 397 TaRu S1wudfivhune
QnAas 470 ASS TINUANTTUNETIIR 663 A% SIUIUNAIRABTaA 795 AT AN
ANULAIUEY 70 % ANANSEEN 59 % WazAUsyansnmlanesiu 64 %

H.7 Ao Tssusudl 7 Sd1uaummAnmiufivsndnses 373 damu s1uiudfivhung
gnAed 397 A% FANUTIATYLNETMLR 600 A% S1uNUNAIRABYTaNIA 687 AT AN
ANULAIUEY 64 % ANANTEEN 56 % LarAUsEaNSAINLAESIN 60 %

H.8 flo Tssusudl 8 FdruuruAnmufivnses 393 Tamu S1uudivhune
QnAB 792 A% SrunuRAYLNEs s 1,200 %t SrunuNalaeITan 1,094 A% A
AULAIUEY 66 % ANANTEAN 72 % LazAUsEaNSAINLAESIN 69 %

H.9 Ao Tssusudl 9 SdawumuAnmuTIvIRATIE 303 Fanu S1uufivhue
gnAe 713 A% SuuvhnIsyuneviaue 1,023 %1 SruaunalataLn 927 Ay A
ANULAIUEY 69 % ANANTEEN 76 % LarAUSEANSAINLABSIN 72 %

H.10 #9 Tsausudi 10 funuanuAaiuiiviundesized 365 doany sauaud
uegnaed 579 pds Sruadivhmsituneiomn 862 afs Sunuralaaeisnun 920 A
ANANULIUET 69 % AIAIINSEAN 64 % WarAUTEENSNNIAESIN 66 %

HA1 Ao Tsausadl 11 S unumnudniuiivigninsiesi 386 oy sauaui
MugNAeg 522 sy SNUAIN SN e aran 1,030 ads SnuNaRasTIIn 753
A% ArrmLlgn 50 % AimasEan 69 % wazAWsEANSAMlaesI 58 %

H.12 fo Tsalsudl 12 Sis1nuanudaiuiitiundiasizd 376 Toany sauaud
uegnAed 583 ads Sruruiiinsriuneiuun 906 A%t SuLNaLRABTINA 944 ASY
ATNAINBHUET 64 % ANANNTTAN 61 % LarAUIEENTAINLALTIN 62 %

H.13 fe Tssusudt 13 Sunuaiudniiuiiviandesizsd 399 doanu sauaui
uegndes 593 A% Sruadiinsyunevven 1,006 A% SrunuNaasT e 1,015
A% AAmaiug 58 % ANAuszan 58 % wazAUszanSamlagsas 58 %

H.14 o Tsausudi 14 S5 unuanudadiuiiviandesized 395 doanu Sauaui
uegnded 533 A%t Srurudivhnisyunesiomn 861 A%t STuaunaRasiun 1,031
A% ArAmaiug 62 % ANAusEan 51 % wazAUsEAnSamlagsa 56 %
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H.15 Ao Tsausudi 15 fwaunudndiuiiviuiesey 285 foau s1uaud
g 347 A% Sruuiivihnisiiuneiame 581 A%t SurunaRasTwINR 730 A%
ATAMULIUEN 59 % AIANUSEAN 47 % LazA1UsEaNSnINlaesId 52 %

H.16 Ao Tsawsadl 16 sisuaumnudaiuiiva3asies 285 foau s1uaud
MunegnAes 348 A% SAuUTinsYueTLe 581 ASS SIUILNALRABT LA 675 ALY
AANALNUET 59 % AIAUSEAN 51 % WazA1UsEaNsNNlnesIN 55 %

H.17 Ao Tsausudi 17 fwaunnudadiuiiviudesedt 399 doau s1uaud
uegnees 535 A%t Sruufivihnsyiungraun 775 A%t SulunamastwLn 820 A%
AANALNUET 69 % AIAIIUTTAN 65 % LarA1USTENENNIAYSIN 67 %

H.18 e Tsausudl 18 fswuanuAaiuiihudesies 413 doany S1uud
Muegneaed 479 At Sruauiviinsyiuneneiun 932 A% SununalRasaue 1,318
a%s Aruaiugs 51 % AvanusEan 36 % warAUszavsanlagsan 42 %

H.19 e Tseusudl 19 fsuupnuAaiuiiiuinsies 400 oy S1uud
uegnded 575 A% Sruuivihnisyiunevienen 732 A% SiurunaasstwiLe 930 ASs
AIAULAUET 78 % AIAUTEAN 61 % LarAIUIEENTAINLALTIN 68 %

H.20 i Tseusudl 20 S5 unuauAnmiuiueses 405 doau S1uud
g 415 a1 STy siuneaun 1,046 a1 S1nuNaLRasTIun 843
A%t AALLUEN 39 % ANPNEEEN 49 % wazAsyaviE A 43 %

H.21 fa Tseusudl 21 S5 uauanuAnmiuiiiandiesen 376 doau S1uud
uegneod 808 ads Sruauiivinsyuneaun 1,230 At SrurusalaTaun 1,559
a%s ALY 65 % A1ANTEAN 51 % wazAUsvavisnmingsa 57 %

H.22 o Tseusudl 22 fisuaueuRaiuiiues1en 420 foay S1uaud
Muegnaee 350 At SruuiviiAsTuneRaue 680 A% SruluNAlRaLTILA 1,000
A%t AAaLiug) 51°9% ANAusEan 35 % wayAUsEavEnanlagsan 42 %

H.23 fe Tseusudl 23 fsunuanuAasiuiiinudnsgsi 400 omanu s1uud
uegnRad 317 s SrurLivinsyun eeLn 1,003 a%s SrunusaLanTiaIn 686
A%t ALY 31 % AIAAINSEEN 46 % WazATUSYAVBNMTAETIL 37 %

H.24 fe Tseusudl 24 fsauiupuaadtuiiingBiases 403 doam S1uaudl
iunegneAes 329 A%y Sruuivinsyueiev 1,009 %Y SALAUNALRALITANAIR 700
A%t AALLUEN 32 % AYPIINSEEN 47 % wavenUsyavisnmlagsan 38 %

H.25 Ao T5eusudl 25 SisauauauAniuiidg Beses 398 4oy S1uaud
unggnAeg 222 A%t SruuTvnsiuIERLe 876 ASY SIUTUNALRALTWINA 736 ALY
AANULIUEN 25 % AIAINTEAN 30 % WazAUsEaNsNNlnesIN 27 %
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H.26 Ao Tsausudt 26 fiswaunudadituiivin inssy 389 oy S1uaud
uegndes 419 p%s Sruruiviinisvhuneann 1,050 A%y Sunaiaasioun 798
A% Aauaiug 35 % AvAusEan 52 % warAUsEAvSnnlagsau 45 %

H.27 Ao Tsausuit 27 fidwaumadaiuiivau dnsey 384 doau S1uaud
uegndeds 376 ady Sruruiiviinisvhuneviavin 1,035 Ay Suaunaiaasioue 778
A% ArAuLLiug 36 9% ArAnusEan 48 % warAUszavEnanlansan 41 %

H.28 Ao Tsausudi 28 fiswunuRaiuiiviulesei 383 Soau S1uaud
uegndes 451 Ay Sruruiviinisvhunesiann 907 ash Suukawasiun 820 A
AANULNUEN 49 % AIAINTEAN 55 % LwarA1UsEansnmlnesid 52 %

H.29 fie Tsausudl 29 fsuauanufniuiiundiesies 400 oy S1uud
unegnAes 328 A%y Suauivinsyiun ey 1,104 A%t SunuRaLRagIn 780
A% Arauaiugy 29 % Avauszan 42 % wazAUsEavSnniagsan 34 %

H.30 i Tseusudl 30 SsuaumuAaiuiiihudeses 396 doau S1uud
uegnded 417 A% SrunuTivimsTueiensn 965 ASs SuIUNARALTwINA 848 ASY
AANULNUEN 43 % AIAINTEAN 49 % LasA1UsEaNSNNIneSIN 46 %

ALnaeFITeta 30 T5ausy fe SuauAmANiuTiiT SIS 420 Fenin
f\i’ﬂu’guﬁﬁﬂmagﬂﬁaq 602 A%3 S1nuUnNIsTuIeT e 1,021 %1 SruaunaLasTan
1,039 AS1 ARG 57 % A1ANINSEAN 57 % wavAUsyansawlnesin 56 %
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Ibis Styles Bangkok Khaosan

Viengtai

ibis Styles Bangkok Khaosan Viengtai is situated in
the heart of the action-packed Khaosan area
surrounded by all the vibrant life that makes it the

must-go-to place in Bangkok....

Adelphi Forty-Nine Hotel

Adelphi Forty-Nine is ideally located on Sukhumvit
Soi 49 in the heart of downtown Bangkok in the
upscale district of Bangkok in between the trendy
Thonglor and peaceful Phrom Phong where it is
considered home to most of the expatriates living in

Bangkok ...

S Sukhumvit Suites

S Sukhumvit Suites is a stylish city hotel in the heart
of Sukhumvit area, ideally located right on the main
Sukhumvit Road, between Sukhumvit 21 (Asoke

Intersection) and Sukhumvit 23.....

Phranakorn Nornlen Hotel

Phranakorn-Nornlen Hotel will get special offer. We
are a small hotel situated within Phranakorn district
(Old Bangkok), with the concept of slow life, we
hope to bring your trip and rest apart from the usual

hectic environment....

Metro Pratunam Boutique

Hotel

Metro Pratunam Boutique is located in the no.1
tourist destination, Pratunam, Bangkok. It is
conveniently situated.in‘a calm-and quiet
environment away from the busy and-bustling
streets and markets of Pratunam. Major shopping
malls such as Platinum, Central-Chidlom, and
Central World are-at the near distance. BTS Chidlom
can-be reached within a 12 minute walk. Metro
Pratunam Boutique is the perfect accommodation
for family and friends who wish to stay together in

the same room or individual travelers who like to
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share a bedroom with other liike-minded travelers.
Our stylish Boutique Hotel is furnished to a high
standard with all handmade woven rattan and
teakwood beds; oversized teakwood doors secured
with an electric key card lock system. We have 23
bedrooms, 2 restaurants.an exclusive lounge. All
spacious bedrooms are air-conditioned which can
accommodate from 3 to 8 person. Modern
bathrooms are equipped with wash basins, high
pressure showers and separate toilets. Some of our
guest rooms have bathroom en suite and others

have shared bathroom:s.

CityPoint Hotel

CityPaint is a uniquely non-smaoking, moderately
priced hotel located in the heart of Bangkok. It is
eco-friendly and is situated on a quiet street within
easy walking distance to public transportation,
restaurants, night life, shopping, parks, and
entertainment. Citypoint's 54 smoke free rooms offer
a contemporary, relaxing oasis in the midst of all the

activity of Bangkok.

Smart Suites

Welcome to Smart suites The boutique Hotel, the
hotel for both business and leisure travelers. Our
friendly.atmosphere is evident the moment you
arrive. The/friendly-and courteous staff is always
ready to greet you with a smile and Sawadee, Thai
custom for a warm welcome.Situated in-a quiet
location, the Smart suites Hotel located in the heart
of Bangkok. The hotel provide its guests with 26
rooms moderm, bright. All rooms have windows
private bathrooms with hot & cold
showers,telephone with IDD, color TV with satellite,
refrigerator. Our rooms also offer in-room safety

deposit box and hairdryer.

Citrus Sukhumvit 11 by
Compass Hospitality

Citrus Sukhumvit 11 is a brand-new hotel featuring

132 stylish rooms and 4 suites. The hotel is located
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near the Nana BTS Sky Train Station so shopaholics
can easily reach Bangkok's major shopping malls .
The bustling dining and nightlife scene of Soi 11
makes. it a hotel.worth trying if you want to
experience the Bangkok nightlife. For medical
tourism, our Citrus Sukhumyit:11 is also the perfect
option as the hotel is just'a 5-minute walk away

from the Bumrungrad Intermational Hospital.

Tints of Blue Hotel

A smart hotel right in the heart of downtown
Bangkok's lively Sukhumvit area. Located in the
famous Sukhumvit Soi 11, surrounded by endless
options for shopping, eating (halal-friendly options)
and nightlife. Just a 5 minutes walk to Nana BTS
Skytrain Station, the hotel is'a short distance from
trendy shopping malls like Terminal 21, Emporium,
Emquartier and Central Embassy, offering speedy
access to other major landmarks and attractions like
Bamrungrad Hospital, Indra Market, Erawan Shrine,
Khaosan Road, Chatuchak Weekend Market and
many more. The smart choice for savvy travellers
who arelooking for the best location combined with
the best value, offering an affordable and hassle-free
stay in-Bangkok. Start the day right with our free
Express Start Breakfast or Grab & Go option and stay
connected.with ourfree Wi-Fi throughout the hotel.
Get the most out of your stay with"our rooftop 24-
hour Fitness Centre with city view, self-service

laundry-facility-and 10-person‘meeting room.

10

Holiday Inn Express

Bangkok Sukhumvit.11

A smart hotel-right.in.the heart-of downtown
Bangkok's lively-Sukhumvit area. Located in the
famous Sukhumvit Soi 11, surrounded by endless
options for shopping, eating (halal-friendly options)
and nightlife. Just a 5 minutes walk to Nana BTS
Skytrain Station, the hotel is a short distance from

trendy shopping malls like Terminal 21, Emporium,
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Emquartier and Central Embassy, offering speedy
access to other major landmarks and attractions like
Bamrungrad Hospital, Indra Market, Erawan Shrine,
Khaosan Road, Chatuchak Weekend Market and
many more. The smart choice for savvy travellers
who are looking for the best location combined with
the best value, offering an affordable and hassle-free
stay in Bangkok. Start the day right with our free
Express Start Breakfast or Grab & Go option and stay
connected with our free Wi-Fi throughout the hotel.
Get the most out of your stay with our rooftop 24-
hour Fitness Centre with city view, self-service

laundry facility and 10-person meeting room.

11

Bally Suite Sukhumvit

HOTEL OVERVIEW Set right in the heart of Bangkok
and within close proximity to major business,
shopping and entertainment districts, Bally Suite
Sukhumvit is beautifully appointed hotel providing
guests with a comfortable living environment and all
facilities. The rooms and suites feature Thai
elements and furnishings that blend perfectly with
modern conveniences for a comfortable stay. With
just a short walking distance to Phrom Phong BTS
station, which connects you to all part of Bangkok,
Bally Suite/Sukhumvit is your ideal choice of
accommodation whether you areron aleisure or
business trip. THE ROOMS All 78 guiestrooms come
with tasteful decor mixing traditional and modern
styles,-providing guest with a-comfortable yet lively
ambience. The rooms are spacious and equipped
with various modern conveniences ranging from a
flat-screen TV-to Wi-Fi internet access for guests to

make the most of their time during the stay.

12

Majestic Suites

Everyone needs a place to lay their weary head. For
travelers visiting Bangkok, Majestic Suites is an

excellent choice for rest and rejuvenation. Well-
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known for its charming environment and proximity
to great restaurants and attractions, Majestic Suites
makes it easy to enjoy the best of Bangkok.Guest
rooms offer a flat screen TV, air conditioning, and a
refrigerator, and Majestic Suites makes getting online
easy as free wifi is available.You can also take
advantage of some of the amenities offered by the
hotel, including a 24 hour front desk, room service,
and a concierge. In addition, guests can enjoy free
breakfast during their visit.Close to some of
Bangkok's most popular landmarks, such as
Sukhumvit (0.4 mi) and Erawan Shrine (Thao
Mahaprom Shrine) (0.9 mi), Majestic Hotel is a great
destination for tourists.If you’re looking for a sushi
restaurant, consider a visit to Above Eleven, Nami
Teppanyaki Steakhouse - at the JW Marriott Hotel
Bangkok, or Tsu Japanese Restaurant - at the JW
Marriott Hotel Bangk which are all conveniently
located a short distance from Majestic
Suites.Bangkok is also known for some great art
galleries, including TCDC Thailand Creative & Design
Center, The Jam Factory Gallery, and Papaya Design
Furniture & Studio, which are not too far from
Majestic Hotel.Whether you’re traveling for business,
pleasure or both, Majestic Suites is sure to make

your Visit to Bangkok one worth remembering.

13

Citrus Sukhumvit 13-by
Compass Hospitality

Citrus Sukhumvit 13-is'a brand-new, modern, and hip
hotel.in"Bangkok with 79 rooms ranging from the
intimate Superior Room to the.more spacious Citrus
Suite.'Located on a quiet side street off the bustling
Sukhumvit Road, Citrus 13 Bangkok holds an
enviable location in the heart of one of Bangkok's
most vibrant areas and near the Nana BTS station.
Citrus Sukhumvit 13 always believes that our guests'

satisfaction is the key to our success. We have
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created a package of special benefits and privileges
called the "Lucky 13 Benefits" for guests who have
booked the Daily Rate with breakfast of every room
type. There is no.minimum stay for this
package.Lucky 13 offers additional complimentary
benefits ex. Late check-out at 13:00 hrs and THB 113
Credit bonus for the Citrus Cafe - excluding alcoholic

drinks.

14

Salil Hotel Sukhumvit Soi 8

Nestled down a serene alley off Sukhumvit road, this
30-room hotel is filled with charm and character. As
soon as you step in, you will definitely get a relaxed,
cozy feel. The hotel’s enchanting colonial
architectural style can make you feel as if you were
in Bangkok several decades ago. A warm Siamese
welcome awaits you on arrival. We are passionate
about making your stay with us'a memorable one.
Every guest room has all modern comforts that you
need. On the ground floor is the Café de Salil, a
place where buffet breakfastis served. Moreover,
your lunch or dinner here can turn out to be a great
gastronomic experience as well. Other services
include a.small library corner with free DVD rental,
laundry, and transport & sightseeing desk, which is

right at the lobby.

15

The Key Bangkok Hotel by
Compass Hospitality

Keeping in-mind that you're travel for business or
leisure should be as comfortable as your home, our
rooms were designed to welcome you with warmth
for the full extent of your stay. We have all the
comforts of the convenience of a hotel. Striking a
harmony between Price, Service and an Ideal
Address, "THE-KEY" is definitely an incomparable
choice. With our ambition of providing the most
flexible & comfortable accommodation. "THE KEY" is

a wise choice.

17

Citichic Hotel Sukhumvit by

Are you ready to experience one of Bangkok’s
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Compass Hospitality

hippest settings? A modern, stylish, affordable place
to.stay in the heart of Bangkok awaits you. iCheck
Inn is just meters away from Sukhumvit Soi 11, home
to some of the area’s best bars and restaurants.Our
inviting, lifestyle.rooms are available with the very
latest amenities, including free Wi-Fi, perfect for
today’s modern leisure travelers. Within easy reach
of Terminal 21, Bangkok’s trendiest shopping and
entertainment center, use our free tuk-tuk service to
BTS Nana to explore the rest of this thriving
metropolis. A great choice, centrally located -
welcome to one of Bangkok’s most exciting

boutique hotels.

18

Hotel Clover Asoke

Hotel Clover Asoke, the best boutique hotel in
Sukhumvit, Bangkok is now open and always
welcome our value guests. Our first oversea foray,
Hotel Clover in Bangkok, Thailand. Hotel Clover
Asoke opened officially in June 2016. This is a 95
rooms hotel with 4 room categories. Those are
Standard, Clover Style, Ladies’ Floor and Executive
roomsHotel Clover Asoke is the first property that
has floors dedicated to the female travelers. We
present with chic design and concentrate in girls
friendly and solo girl’ s travelers .concept. All rooms
with-different designs. Uniquely corridor. themed and

different style.

19

Sam's Lodge

Sam's Lodge is located in heart of Bangkok. Walking
distance from- the Skytrain BTS Asok'Station and

Underground-MRT_Sukhumvit Station. The Shopping
malls. Terminal 21 & Robinson are just minute walk.

Soi cow boy.is-also in walking distance.

20

Vince Hotel

Vince hotel Pratunam Bangkok is a new fashion retro
hotel located in the heart of Bangkok's fashion &
entertainment area. Only a few minutes away from

Pratunam market, Pantip Plaza,MBK,Siam Paragon,
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Central World Shopping Center, BTS stations and

easy access to Siam Square by sky train.

21

Citadines Sukhumuvit 11

Bangkok

Citadines Sukhumvit11 Bangkok is located ideally
along Sukhumvit Road, the residence is surrounded
by businesses as.well as the trendy shops,
restaurants and pubs. With the sky train Nana
station, you can explore the rest of the city easily.
Vibrant 127 fully furnished apartments, comprising of
a fully equipped kitchen and a home entertainment
system with a sleek cable TV that slides from the

living area to the bedroom.

22

Paragon Inn

Finding an ideal quiet hotel in Bangkok does not
have to be difficult. Welcome to Paragon Inn, a nice
option for travelers like you. While staying at Paragon
Inn, visitors can check out Wat Lat Krabang (1.5 mi)
and Wat Krathum Suea Pla (2.9 mi), some of
Bangkok's top attractions. Guest rooms offer
amenities such as a flat screen TV, air conditioning,
and a refrigerator, and guests can go online with free
wifi offered by the hotel. The Paragon Hotel features
a-concierge and room service, to help make your
stay more enjoyable. The property also boasts a
pool and a poolside bar. If you are driving to Paragon
Inn, free parking is available. Travelers looking for
steakhouses can head to Pimenton. If you’re looking
for something to do, Wat Lan Boon (0.3-mi) and Mai
Hua Takhe Market (0:9 mi) are a nice way to spend
some time, and they are all within walking distance
of The Paragon Hotel. Paragon.Inn looks forward to

welcoming you -on your visit to Bangkok.

23

Solitaire Bangkok

Tucked away-on a quiet street next to Bangkok’s
famous Sukhumvit 11 nightlife scene, the Solitaire
Hotel offers you a relaxed ambiance in a central
location. Just minutes away from famous hospitals,

nightlife and Nana BTS skytrain, you can easily reach
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some of the city’s most popular destinations in
minutes. With 319 modern and stylish rooms spread
throughout four buildings, the Solitaire offers guests
comfort, luxury-and class within the Sukhumvit 11
enclave. Whether you are searching for short or long
stay accommodation, Selitaire hotel has plenty of
room choices to suit all tastes. All rooms are
outfitted with a contemporary design, minibar, a
smart TV and free Wi-Fi, and are located in a quiet
setting to ensure our guests utmost relaxation.
Solitaire offers the most contemporary design and
facilities which include a swimming pool, gym, steam
rooms, @Spice All Day Dining, On the Rocks lobby
bar, complimentary shuttle service to the BTS

skytrain and function rooms of varying size.

24

Siri Sathorn Bangkok by
UHG

Siri Sathorn Bangkok by UHG is set in the heart of
Silom-and Sathorn CBD and is within a short distance
to BTS Saladaeng and MRT Silom. The hotel offers
modern contemporary accommodation for
discerning tourists and business travelers. Situated in
a-charming residential neighborhood, Siri Sathorn
Bangkok by UHG is surrounded by famous bars and
restaurants, office buildings, embassies, and
international hospitals. The hotel also houses Lek
Massage Bangkok offering massage and spa services
in authentic Thai style: Free Shuttle Service to BTS
Saladaeng and MRT Silom.is-also provided
throughout the day, making.getting in and out of the
hotel effortless. In.addition, expressways are in close
proximity allowing easy access to Suvarnabhumi and
Don Muang international airports as well as all parts

of the city.

25

Shama Sukhumvit Bangkok

A celebration of modern living coupled with
Shama’s reputable signature service and renowned

Thai hospitality. Shama Sukhumvit Bangkok offers 90
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contemporary serviced apartments located in a
prestigious residential area amongst fashionable
restaurants, stylish shopping and the central business
district with nearby access to the BTS skytrain and
Bumrungrad International Hospital. This unique
“resort within a city” meets the refined standards of
business and leisure travellers alike. Tropical gardens
awash with flora and fauna combined with
contemporary furnishings, extensive clubhouse
complete with rooftop swimming pool, fitness
centre, kids area, yoga and meditation rooms make
this property a true retreat from the bustle of the

city.

26

The Phoenix Hotel Bangkok

The Phoenix Hotel Bangkok (Suvarnabhumi airport) is
ideally a place for stopover travellers who has
connecting flight in Bangkok. The hotel just 10 mins
aways from the airport by car. The hotel also offer
free shuttle bus service from & to the airport 24
hours. Also, the hotel offers free shuttle bus to ARL
train station nearby only 3 mins away by car. There
are 3.rooms type available at our property and offer
ensuite with shower, high speed internet, cable TV,
parking.FYl : The meeting point for pick-up service is
next to AOT counter between gate 3 & 4 (inside the
hall)-at the arrival hall on 2nd fl..(24 hours)

27

Grand Mercure Bangkok

Asoke Residence

Conveniently located in Bangkok's trendy Sukhumuvit
Area, 5 minutes walking distance to Asoke BTS
skytrain‘and Sukhumvit MRT-subway stations, GRAND
MERCURE Banekok.Asoke by ‘AccorHotels, is located
in the city centre. It offers aneasy and quick access
around Bangkok'in a calm street, with bright Suites,
apartment like, from 71sgm. Discover Terminal21, a
famous shopping centre around the corner, then
relax and enjoy the view at our rooftop swimming

pool or dive into the great nightlife only steps away.
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GRAND MERCURE Bangkok Asoke is pet friendly and
our WI-FI access is complimentary. We have 40"
smartTVs with Japanese, Chinese, French channels.
Ideal fora family.or couple stay. Fully renovated in
2017, each Suite has a full kitchen with a private

balcony.

28

The Okura Prestige Bangkok

The Okura Prestige Bangkok combines Japan’s rich
service culture and attention to detail with
Thailand’s world-famous standards of hospitality.
This new luxury hotel, with 240 rooms and suites, is
located in the award-winning Park Ventures Ecoplex
building at the heart of the city’s Central Business
District. The hotel offers direct access to the city’s
BTS skytrain network at Phloen'Chit station and sits
close to major shopping malls, embassies and
commercial districts. Every room and suite offers
impressive views across the dynamic Bangkok skyline
through triple-glazed tinted panoramic windows that
insulate against both heat and noise. The rooms
combine comfort and luxury with the very latest
technological developments designed to impress

business and leisure travellers.

29

Bangkok Marriott Hotel The

Surawongse

The first Marriott hotel in Bangkok, Thailand that
offers'a combination.of 303 guest rooms, suites and
extended-stay residential suites from 1.to 3
bedrooms,; Bankgok Marriott Hotel The Surawongse
offers two dinning outlets; Praya Kitchen, an
authentic Thai-buffet restaurant and Yao Restaurant
& Rooftop Barythe. first modéern Chinese influenced
multi-level hot spot in Bangkok. For meetings, the
hotel in Bangkok's city centre offers 1,555 sgm
meeting space with 2 ballrooms, 9 meeting rooms

and a rooftop garden.

30

Centre Point Hotel

Pratunam

Centre Point Hotel Pratunam is conveniently situated

on Petchburi Road right across from Platinum
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Fashion Mall and Pantip IT Plaza. The Hotel is only a
matter of 10 minutes from Phaya Thai Rail Link

1 providing guests easy access to various
g.areas including Siam Paragon, MBK,

i . iam Square. Centre Point
O

tel Pratunam is a
as 24 kms from

esale Market and as

rnabhumi Airport. A wic iety of restaurants

vailable within walking distance. Guests can

out at the fully-equipy ness center. In-

ailable. Plenty

internet services are a

oms, salt swimming

, entertainment

omplish your
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